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Abstract 

Given the importance of correctly perceiving and remembering faces for successful social 

interaction, face processing is one of the most widely studied cognitive domain in behavioral, 

neurophysiological and neuroimaging research, particularly, based on a group-mean approach. 

However, above mean differences, inter- and intra-individual variability in face processing 

provide valuable information  for investigating the underlying mechanisms and binding the 

behavioral and neural substrates for better understanding of face processing.  

In my dissertation I investigated the biological mechanisms underlying face cognition 

from an inter- and intra-individual variability perspective at the genetic, neural, and behavioral 

levels. The neural activities related to face processing are measured by event-related potentials 

(ERPs) and their trial-by-trial latency variability are estimated using a novel and well-established 

method, Residue Iteration Decomposition (RIDE).  

Study 1 demonstrates the reliability of RIDE in extracting single-trial parameters of the 

P3b component, which is used in the investigation of the neural basis of intra-subject variability 

(ISV) in face processing speed in Study 2. In the Study 2, individual differences in ISV of face 

processing speed, measured at both behavioral and neural levels during a face processing task, 

are studied in their genetic variation. The results suggest that individual differences in ISV are 

related not only to the COMT Val158Met polymorphism, but also to the type of cognitive 

processing (e.g., memory domain). Moreover, we showed that ISV in reaction time can be 

partially explained by ISV in the speed of central cognitive processes.  

Furthermore, the individual differences approach in Study 3, provided valuable and novel 

information beyond the common group-mean approach applied in the N1/N170-related research. 

Based on this approach, not only we could replicate previous findings that the N170 predicts 

individual differences in face cognition abilities, but also we could decompose individual 

differences in the N170 into a domain-general and a face-specific part with different predictive 

powers. Moreover, we showed that top-down modulations on the N170 have separable and 

qualitatively different relationships to face cognition abilities. 

In summary, the integrated results from different studies in my dissertation demonstrate 

the psychological importance of the information provided by inter- and intra-individual 

variability in face processing in the investigation of its underlying biological mechanisms.
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Zusammenfassung 

 Die korrekte Wahrnehmung und Erinnerung von Gesichtern ist für eine erfolgreiche soziale 

Interaktion höchst einschlägig. Somit ist die Gesichterkognition einer der meist untersuchten 

Bereiche in den neurokognitiven Wissenschaften. Insbesondere basieren vorhandene 

Untersuchungen auf Mittelwertvergleiche. Intra- und interindividuelle Unterschiede können 

jedoch über Mittelwertunterschiede hinaus wertvolle Informationen über die zugrundeliegenden 

neuronalen Mechanismen der Gesichterkognition liefern. 

 In der Arbeit untersuche ich der Gesichterkognition zugrundeliegenden biologischen 

Mechanismen auf der genetischen, neuronalen und verhaltensbasierten Ebene. Die neuronale 

Aktivität wurde mittels ereigniskorrelierter Potenziale (EKPs) untersucht und ihre 

Latzenzvariabilität innerhalb der Person wurde durch eine innovative Methode, Residue Iteration 

Decomposition (RIDE), gemessen. 

 Die erste Studie demonstriert die Reliabilität von RIDE für die Extraktion von 

Einzeltrialparametern der P3b Komponente, welche in der zweiten Studie die Basis für die 

Untersuchung der Innen-Subjekt-Variabilität (ISV) bei der Geschwindigkeit der 

Gesichterkognition bildet. Die zweite Studie untersucht individuelle Unterschiede in ISV in ihrer 

genetischen Variation, gemessen an der Verhaltens- und neuronalen Ebene während einer 

Gesichterkognitionsaufgabe. Die Ergebnisse zeigen, dass ISV nicht nur mit dem COMT  

Val158Met Polymorphismus zusammenhängt, sondern auch von der geforderten kognitiven 

Verarbeitung abhängt. Zudem ist die ISV in der Reaktionszeit teilweise durch die ISV in der 

Geschwindigkeit zentralkognitiver Prozesse erklärbar.  

Studie 3 liefert neuartige Informationen für die N1/N170 Forschung. Mit einem 

differentialpsychologischen Ansatz konnten wir nicht nur vorangegangene Ergebnisse zur 

Vorhersagekraft der N170 für individuelle Unterschiede in der Gesichterkognition replizieren, 

sondern auch die individuellen Unterschiede in der N170 in einen allgemeinen und einen 

gesichtsspezifischen Teil mit unterschiedlicher Vorhersagekraft zerlegen. Darüber hinaus 

konnten wir zeigen, dass top-down Modulationen der N170 unterscheidbare und qualitativ 

unterschiedliche Beziehungen zu Fähigkeiten der Gesichterkognition aufweisen. 

Insgesamt zeigen die integrierten Ergebnisse der Studien meiner Dissertation die 

psychologische Bedeutsamkeit der intra- und interindividuellen Variabilität in der 

Gesichterkognition für die Erforschung der ihr zugrundeliegenden biologischen Mechanismen.
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Synopsis 

1 Introduction 

“Not only our pleasure, our joy and our laughter but also our sorrow, pain, grief, and tears rise 

from the brain, and the brain alone. With it we think and understand, see and hear, and we 

discriminate between the ugly and the beautiful, between what is pleasant and what is unpleasant 

and between good and evil.”  
Breedlove, Rosenzweig, and Watson (2007) quoting Hippocrates (about 400 BCE) in Biological Psychology  

 

History tells us that research on brain, behavior and cognition started in antiquity and it has been 

targeted in many different scientific disciplines. Behavioral and cognitive neuroscience are 

mostly concerned with the study of the biological mechanisms underlying behavior and cognition 

at many different levels, such as genes, neurotransmitters, neurons, brain networks, and 

evolutionary and developmental processes. The very common practice in behavioral and 

cognitive neuroscience for establishing brain-behavior relationship is linking the average brain’s 

structure and functions with behavior and cognition. However, evidence from behavioral and 

neurobiological studies suggests that performance and neural activity commonly display 

substantial variability in cognitive functioning within and across individuals. With respect to this 

matter, researchers are thus increasingly interested in investigating the intra- and inter-individual 

variability in brain-behavior relationship in order to decipher the neural substrates and 

mechanisms underlying behavior and cognition (e.g., Braver, Cole, & Yarkoni, 2010; Mohr & 

Nagel, 2010; Raja Beharelle, Kovačević, McIntosh, & Levine, 2012).  

Given the importance of correctly perceiving and remembering faces for successful social 

interactions, face processing is one of the most widely studied cognitive processes during the last 

50 years. Most behavioral, neurophysiological and neuroimaging research on face processing 

however has been conducted to investigate differences at the average group level between 

persons or across experimental conditions within persons, in which inter- and intra-individual 

variance have been treated as ‘noise’. Thus, behavioral and neural responses across trials and 

individuals have been averaged in this research tradition. Although, the findings from the mean 

level approach have significantly advanced our understanding of the developmental, cognitive, 

and neural bases of face processing in general, they need to be complemented and extended by 

valuable information provided by inter- and intra-individual variability in order to better 

understand deviations from those general trends and possibly their causes. In particular, an inter- 

and intra-individual differences approach in face processing studies provides a strong potential to 

associate or dissociate the underlying mechanisms, and bind the behavioral and neural substrates 
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in order to better understand how this particular human ability is carried out and how it develops 

(see Yovel, Wilmer, & Duchaine, 2014, for review). 

1.1 Aims and Outline of the Present Work 

In my dissertation, I started my voyage toward the understanding of the biological mechanisms 

underlying face cognition, more specifically by combining intra- and inter-individual variability 

at the level of neural and behavioral measures, a perspective from which the brain-behavior 

relationship in face cognition has been rarely investigated (section 1.2 and 1.3 provide a relevant 

brief literature review). Following this approach, I addressed several questions, which have been 

controversially discussed from several scientific perspectives, such as: Do the neural mechanisms 

underlying face perception qualitatively differ from the ones underlying object perception? Do 

higher cognitive functions exert top-down influences on early stages of face and object 

processing? To which extent neural mechanisms underlying face cognition in early processing 

stages contribute to individual differences in face cognition abilities? Can such contributions be 

generalized across non-face stimuli? Which are the neural mechanisms underlying the intra-

subject variability in face processing speed? Is intra-subject variability in face processing speed 

heritable? 

To provide an answer to these questions, I measured neural activities during face 

processing by event-related potentials (ERPs). Because ERPs have an excellent temporal 

resolution which is vital when the temporal dynamics of the neural activity is of interest, they are 

a great tool for parameterizing indicators at the neural level. ERPs provide a continuous measure 

of different stages in cognitive processing, making it possible to determine which stages reflect a 

specific experimental manipulation (Luck, 2005). Section 1.4 provides a brief introduction about 

the ERP components reflecting neural bases of face processing.  

However, there is at least one main disadvantage in traditional ERP research, which I 

aimed to step aside in my dissertation. To account for noise in single-trial ERPs most approaches 

average over a number of trials in a given condition. This technique limits its power by 

confounding the information about the trial-by-trial variability of the latency and amplitude of 

ERP components and therefore will lead to severe smearing of the components. This limitation 

prevents us from reliably investigating the dynamics of cognitive sub-processes. Thus, 

correlating such smeared ERP components with behavioral outcomes may lead to incorrect 

conclusions about brain-behavior relationships. A solution to this limitation, which I also applied 

in my dissertation, has been recently proposed by Ouyang, Herzmann, Zhou, and Sommer 

(2011). They developed the Residue Iteration Decomposition (RIDE), a method to separate 

latency-variable from latency-locked component clusters and to estimate latencies and 
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amplitudes of the cognitive processes in single trials with high precision (more details about the 

method is provided in section 1.5).  

Study 1 included in this dissertation is a methodological demonstration that shows how 

RIDE provides valuable information regarding intra-subject latency variability of the ERP 

components and therefore is a sensitive tool to distinguish between neurocognitive sub-processes 

based on their latency variability on trial-by-trial basis. With this study, I aimed to further 

evaluate the RIDE method above the work published by Ouyang and colleagues, and validate its 

sensitivity to capture trial-by-trial latency variability in order to extract reliable single-trial 

parameters of the P3b component. The estimation of this variability was required for my second 

work aiming to explain the neural bases of intra-subject variability (ISV) in face cognition speed, 

which was the focus of Study 2.  

In Study 2, individual differences in ISV of face processing speed at behavioral and 

neural levels have been also assessed with regard to the genetic variation. To this aim, we 

categorized individuals based on their Val158Met polymorphism of the catechol-o-

methyltransferase (COMT) gene (rs4680), whose association with ISV has been suggested in 

several studies (e.g., Haraldsson et al., 2010; Stefanis et al., 2005; Saville et al., 2014). As the 

main part of this study, we applied single-trial analyses on an EEG dataset from face recognition 

task captured with a face priming paradigm (N = 91). Cognitive processing speed in this task was 

measured at the neural level as latency of the P3b component in each trial using the RIDE 

method. The relationship between performance speed and P3b latencies on a trial-by-trial basis as 

well as its association with the COMT Val158Met polymorphism have been examined by 

multivariate linear mixed effects modeling. 

In Study 3, we focused on the face-selectivity characteristic of N170 component, its 

contribution to individual differences in face cognition abilities, and the top-down influence of 

higher order cognitive processes on the early stage of face processing, which has been yet a 

matter of debate in the literature. In the submitted manuscript, we investigated these questions 

from an individual differences perspective using structural equation modelling (SEM). To this 

end, we designed a comprehensive experiment by an orthogonal combination of the content 

domain (faces vs. objects) and the measurement intention (speed, usually captured in easy task 

vs. accuracy, measured in difficult task, that cause individual differences in response 

correctness). This experiment includes separate EEG and psychometric sessions and has been 

conducted with 211 participants during 9 months (more details about the experiment is provided 

in section 2.3). 
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1.2 Variability in Face Processing from Behavioral and Neural Perspective 

Inter-individual differences in face recognition have been widely studied on the psychometric 

(e.g., Megreya & Burton, 2006; Wilhelm et al., 2010; Wilmer et al., 2012) and clinical levels 

(Duchaine & Nakayama, 2005). It has been revealed that people vary in their face recognition 

ability in a wide spectrum from very poor face recognition in people with developmental 

prosopagnosia (Farah, Levinson, & Klein, 1995; Susilo & Duchaine, 2013) to exceptionally good 

face recognition in super-recognizers who rarely forget a face (Russell, Duchaine, & Nakayama, 

2009). Face recognition ability also varies in normal population across age (e.g., Pfütze, Sommer, 

& Schweinberger, 2002; Schretlen, Pearlson, Anthony, & Yates, 2001; Germine, Duchaine, & 

Nakayama, 2011; Hildebrandt, Sommer, Herzmann, & Wilhelm, 2010; Hildebrandt, Wilhelm, 

Schmiedek, Herzmann, & Sommer, 2011), and gender (e.g., Herlitz & Yonker, 2002; Lewin & 

Herlitz, 2002; Sommer, Hildebrandt, Kunina-Habenicht, Schacht, & Wilhelm, 2013). Thus, the 

questions arose: What makes individuals unique in their face recognition performance? To 

answer this question, a number of studies have been trying to understand the cognitive factors 

determining these individual differences (e.g., Dennett, McKone, Edwards, & Susilo, 2012; 

Hildebrandt et al., 2011; McGugin, Richler, Herzmann, Speegle, & Gauthier, 2012; Wilhelm et 

al., 2010; Wilmer et al., 2010).  Following this approach, Wilmer et al. (2010; 2012) could 

dissociate face recognition from more general visual and verbal recognition, suggesting a high 

degree of specificity in face recognition ability itself and its genetic basis. Moreover, in order to 

identify possible sources of individual differences in face cognition, Wilhelm et al. (2010) 

established individual differences factors based on multivariate measurements of face cognition 

abilities. The task battery was developed by Herzmann, Danthiir, Schacht, Sommer, & Wilhelm 

(2008) and the measurement domains have been postulated by functional and neuroanatomical 

models of face cognition (Bruce & Young, 1986), demonstrating the difference between face 

perception (including the stage of structural encoding) and face memory (including the stages of 

face recognition units and person identity codes activation). Furthermore, as custom in individual 

differences research in cognitive abilities two further measurement intentions have been defined 

for the task construction: processing speed vs. processing accuracy. In the factorial model 

published by Wilhelm and colleagues (2010), face perception and face memory were 

differentiable regarding performance accuracy, however individual differences in performance 

speed were not differentiable for perception and recognition. Thus, individuals who were quick at 

perceiving faces they were comparably quick in recalling faces from their memory. Therefore, 

the model included three component abilities of face cognition: Face Perception Accuracy, Face 

Memory Accuracy, and Face Cognition Speed. These abilities were also distinct from general 
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cognitive abilities, such as reasoning, working memory, immediate and delayed memory, mental 

speed, and object cognition. It has been also shown that the specificity of face cognition remains 

stable as compared with general cognition across the adult life span until old age (Hildebrandt et 

al., 2011). 

Further, available literature revealed considerable variability among persons in the 

structure of their neural substrates (e.g., Clark et al., 1996; Deffke et al., 2007). In order to better 

understand the type of face cognition abilities that neural measures of face processing predict, 

few studies established correlational analysis between behavioral and neural measures across 

individuals. These studies used ERPs or neuroimaging data (e.g., Alexander et al., 1999; 

Rotshtein, Geng, Driver, & Dolan, 2007; Schretlen, Pearlson, Anthony, & Yates, 2001; Yovel & 

Kanwisher, 2005; Herzmann, Kunina, Sommer, & Wilhelm, 2010; Kaltwasser, 

Hildebrandt, Recio, Wilhelm, & Sommer, 2014). For example, Yovel and Kanwisher (2005) 

found association between behavioral and fMRI measures of the face inversion effect only in the 

fusiform face area (FFA), however in mean-level analyses, the face inversion effect was found in 

both FFA and superior temporal sulcus, as a related face area (STS-FA). Herzmann et al. (2010) 

and Kaltwasser et al. (2014) reported a moderate correlation between face-related ERP 

components and multivariate behavioral measures of Face Perception and Face Memory. In these 

studies, however at the behavioral level, Face Perception and Face Memory were measured in 

both speed and accuracy tasks, and all ERP components, as typical in ERP research, were 

measured only in speed tasks. Thus, these measures are informative with respect to the 

mechanisms underlying processing speed, but possibly not for accuracy. In Study 3 included in 

my dissertation, we addressed this shortcoming by designing an experiment in which the 

difficulty of the face and object recognition tasks was manipulated by increasing the memory 

load in a similar manner like in the psychometric tests already used by Herzmann et al. (2010) 

and Kaltwasser et al. (2014) (more details on the EEG tasks are provided in section 2.3).  

1.3 Intra-Subject Variability 

Apart from variability across individuals, intra-subject variability (ISV) of performance has been 

increasingly recognized as important factor above the average performance. ISV is associated 

with a number of neurological and neuropsychiatric conditions, such as ADHD (Klein, 

Wendling, Huettner, Ruder, & Peper, 2006; Kofler et al., 2013; Saville et al., 2015), 

schizophrenia ( Birkett et al., 2007; Rentrop et al., 2010), aging (overview in Schmiedek, 

Lövdén, & Lindenberger, 2009), and brain injury (Stuss, Murphy, Binns, & Alexander, 2003). 

Therefore, understanding the neural basis of ISV, which has been rarely addressed in the 

literature, is crucial and has implications for clinical, developmental, and aging research. In 
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previous work, the neural mechanisms underlying ISV in performance have been mostly 

investigated in imaging research (e.g., Walhovd & Fjell, 2007; Bellgrove, Hester, & Garavan, 

2004; MacDonald, Li, & Bäckman, 2009) and only very few studies used EEG signals to address 

this issue (e.g., Segalowitz, Dywan, & Unsal, 1997; Di Russo & Spinelli, 2010; Saville et al., 

2011; 2012). Given that the reaction time (RT) variability across trials are usually in the range of 

several hundred milliseconds, high temporal resolution which is the characteristic of EEG 

technique is a great advantage for establishing intra-individual brain-behavior relationship.  

In previous work, the P3b has been proposed to be a pertinent ERP component associated 

with ISV in performance. It has been shown that P3b possibly consists of several sub-

components representing cognitive processing and response planning (Verleger, Jaśkowski, & 

Wascher, 2005; Pritchard, Houlihan, & Robinson, 1999). Therefore, in a traditional ERP 

approach that would average across single trial ERPs, in case of high ISV in RTs, the P3b 

component can be distorted due to increased trial-by-trial latency variability. Consequently, its 

relationship to ISV in performance may appear to be an artifact. Saville et al. (2011, 2014) 

overcome this problem by employing a single-trial approach to ERP analyses. They investigated 

intra-individual brain-behavior relationship by correlating P3b latency and amplitude measures 

extracted in each trial to single-trial RTs. However, principal component analysis (PCA) and a 

filter-based method used in this study for single-trial ERP estimation do not differentiate between 

sub-components reflecting cognitive and motor processes in the latency estimation. Thus, 

contribution of response selection- or motor processes-related sub-components to the evaluation 

of ISV in performance may result in a high correlation which cannot be interpreted as 

relationship between cognitive processes reflected in P3b and behavior.  

Thus, in Study 2 we went one step further by using RIDE method to investigate neural 

underpinning of face processing speed from the viewpoint of intra-subject variability. As we 

showed in Study 1, the strength of the RIDE method in this case is that it can separate the sub-

components reflecting cognitive processes with variable single-trial latencies from the sub-

components reflecting motor processes with latencies locked to the RTs and the ones reflecting 

stimulus processes with latencies locked to the stimuli. Thus, this method provides an 

opportunity to characterize individual differences in the trial-by-trial variability of cognitive 

processes speed excluding motor processes.  

1.4 Neural Bases of Face Processing 

As compared with hemodynamic methods, such as fMRI and PET, which are limited by the slow 

speed of the BOLD response, ERPs provide an excellent temporal resolution which is vital to 

research questions related to temporal dynamics of the neural activity. ERP components as 
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neurocognitive indicators carry information in their latency and amplitude measures, reflecting 

the temporal dynamics and efficiency or neural effort invested for cognitive processing, 

respectively. In ERP research several components have been defined as reflecting specific 

neurocognitive sub-processes that are functionally associated with different stages involved in 

face recognition according to the Bruce and Young model (1986), which is the most widely cited 

functional face processing model (see Estudillo, 2012; Herzmann & Sommer, 2007). The first 

stage in this model is called structural encoding including two separate processes: View-centered 

description, reflected in the P100 component and expression-independent description, reflected 

in N170 component. The P100 is the increased occipital positivity generated in extrastriate visual 

cortex and observed about 100 ms after stimulus onset. This component reflects pictorial 

encoding, that is, processing of domain-general, low-level visual stimulus features (e.g., Doi, 

Sawada, & Masataka, 2007). The N170, known as face-sensitive component and characterized by 

a negative peak around 170 ms after stimulus onset and maximal in inferior occipitotemporal 

cortex, is larger for faces as compared to those elicited by other non-face visual stimuli like 

houses (e.g., Bentin, 1996; Eimer, 2011). This component reflects configural encoding of facial 

features, namely, holistic processing of faces (e.g., Rossion & Jacques, 2008; Eimer, Gosling, 

Nicholas, & Kiss, 2011). 

The next processing stage after expression-independent description in structural encoding 

module involves activation of face recognition units (FRU). The face being observed can be 

recognized if the corresponding node in FRU reaches the threshold level of activation. The 

N250r/ERE (early repetition effect) component seems to be related to the activation of FRU, 

reflecting activation of the stored knowledge about structure of faces in long-term memory (see 

Schweinberger, 2011, for review). This component is sensitive to stimulus familiarity and is 

absent or smaller for unfamiliar faces (Herzmann & Sommer, 2010; Schweinberger, Pickering, 

Burton, & Kaufmann, 2002). The ERE occurs as a negativity for primed relative to unprimed 

faces, around 250-350 ms after stimulus onset and over inferior temporal sites.  

When the face is recognized, as the next stage of processing, person identity nodes (PIN) 

receives input from the FRU and provides semantic information about that person. There is two-

way interaction between FRU and PIN in this model which can explain the repetition effect 

observed in repetition priming paradigm in face recognition tasks. The N400/LRE (late repetition 

effect) component was reported to be stronger for faces presented with additional semantic 

knowledge about the person (Paller, Gonsalves, Grabowecky, Bozic, & Yamada, 2000), thus 

reflects semantic memory codes stored in PIN. This component is also larger for familiar than for 

unfamiliar faces (Paller, Gonsalves, Grabowecky, Bozic, & Yamada, 2000; Schweinberger, 
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Pickering, Burton, & Kaufmann, 2002). The LRE, as increased central-parietal positivity for 

primed relative to unprimed familiar faces occurs between 350 and 600 ms after stimulus onset. 

Besides, further components have been specified as functional, neurocognitive sub-

processes associated with old/new effects in recognition paradigms (Yonelinas, 2002). Although 

these components are not directly related to face processing mechanisms, they can be informative 

about the processes underlying face retrieval. The old/new effect in face recognition (e.g., 

Johansson, Mecklinger, & Treese, 2004; Nessler, Mecklinger, & Penny, 2005), characterized by a 

larger positivity for old as compared to new faces in ERP studies, is reflected in the FN400, an 

early anterior effect around 300-500 ms, and in the late positive component (LPC), a late 

posterior effect around 400-800 ms. Both of these components are related to explicit recognition 

memory (Friedman & Johnson, 2000). Based on dual-process theory, recognition memory can be 

dissociated to two distinct memory processes: Recollection, a process involving retrieval of 

specific details, and familiarity, as a feeling of knowing in the absence of source information 

(Yonelinas, Otten, Shaw, & Rugg, 2005). It has been suggested that FN400 and LPC are 

associated with familiarity and recollection processes, respectively (e.g., Curran, 2000; Wolk et 

al., 2006). 

1.5 Methodological Advances in ERP Analysis 

ERPs are ideally suited for studying the temporal dynamics of the mental processes that occur 

between stimulus and response. High temporal resolution in ERPs allows to isolate different 

cognitive processes. However, in case of strong response variability, averaging trials used in 

ERPs will lead to mixing several ERP components together. For example, a component related to 

motor process in a trial with a short RT may combine with a component reflecting perception or 

decision making in a trial with large RT. This is crucial because it becomes difficult to reliably 

investigate the temporal dynamics of neural sub-processes which is a key to study brain-behavior 

relationship based on EEG data. RIDE is a new method to overcome the smearing and mixing 

problem due to the latency variability of the sub-processes and corresponding ERP components 

by estimating component latencies in each trial and accordingly separating different ERP 

component clusters based on their trial-by-trial latency variability (Ouyang et al., 2011; 

Ouyang, Sommer, & Zhou, 2015a; 2015b). RIDE decomposes ERPs into a stimulus-locked, a 

response-locked, and an intermediate component cluster that includes all components which have 

no explicit latency information (S-, R-, and C-component clusters, respectively). Each cluster 

may include several ERP components with distinct functional significance, but with similar time-

locking pattern. RIDE also provides waveforms and topographies of each separated component 

cluster using spatiotemporal cross-correlation. Similar methods exist, however they do not allow 
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assessing the topographical evolution because of estimating the latencies of different channels 

independently (Takeda, Sato, Yamanaka, Nozaki, & Yamamoto, 2010; Takeda, Yamanaka, & 

Yamamoto, 2008). Moreover, RIDE can reliably estimate the single-trial amplitude and latency 

measures of each component cluster, providing an excellent opportunity to characterize 

individual differences in the trial-by-trial variability of ERP components at each processing step. 

The advantage of RIDE as compared with other temporal decomposition methods is that (1) it 

can separate components with or without explicit latency information, allowing application to 

data from tasks without responses like reading (Ouyang, Schacht, Zhou, & Sommer, 2013). (2) It 

avoids slow wave amplification and distortion by using median rather than L2-norm 

minimization used by Hansen (1983) and Takeda et al. (2010). (3) The refinement algorithms 

used by RIDE lead to more psychologically relevant outcomes. Since all cognitive experiments 

show RT variability and thus smearing effects on conventional average ERPs, this method has 

great potential for numerous applications in studying the mechanism of cognitive sub-processes 

and response variability.  



Summary of Studies 
 

14 

2 Summary of Studies 

2.1 Study 1: “Dissociating the Influence of Affective Word Content and Cognitive 

Processing Demands on the Late Positive Potential” (Nowparast Rostami et al., 2016) 

During the last 20 years, there were many arguments on a distinction of emotion processes from 

other cognitive processes (for an overview, see Eder, Hommel, & De Houwer, 2007; Cacioppo & 

Berntson, 2007). To operationally capture the degree of distinctiveness of emotion processing, 

the late positive potential (LPP) has been recently considered a relevant component 

characterizing affective processing (see Weinberg, Ferri, & Hajcak, 2013, for review). On the 

other hand, the P3b component has been a prominent measure to study cognitive processes for 

decades (see Eder et al., 2007, for review), thus it has been considered a relevant measure for 

comparing cognitive with affective processing. Both LPP and P3b are ERP components with an 

increased centroparietal positivity, starting around 300 ms after stimulus onset and lasting for 

several hundred milliseconds (e.g., Cuthbert, Schupp, Bradley, Birbaumer, & Lang 2000). Since 

these two components are overlapping in terms of latencies and are similar in terms of scalp 

topographies, the question arises whether they represent the same or distinct sub-components. 

Some studies support functional similarity of LPP and P3b, with the idea that they reflect the 

same processes if they are similarly modulated by the same variables, such as attention (e.g., 

Schupp et al., 2007; Schacht & Sommer, 2009). On the other hand, some other studies assessing 

functional relationship between these two components argued against functional similarity of 

LPP and P3b by showing they are not modulated similarly by the same variables (e.g., Cuthbert 

et al., 2000; Codispoti, Ferrari, & Bradley, 2006). Moreover, using spatiotemporal PCA, Matsuda 

and Nittono (2014) could decompose LPP into sub-components with different topographies 

which are differentially reflecting affective content and cognitive processing demands. 

In Study 1, we investigated whether the underlying neural processes associated with the 

affective content (LPP) and with the cognitive processing demands (P3b) are equivalent or 

represent distinct sub-components. To this aim, we used information about trial-by-trial latency-

variability characteristic of each component extracted by the RIDE method and topographical 

comparison technique. We applied RIDE on the EEG data from twenty-three healthy young 

participants taken from a study by Bayer, Sommer, and Schacht (2012). In this study the task was 

either passive reading of high/low arousing words with positive/neutral/negative valence or a 

lexical decision task (LDT) with the same words as targets. In this experiment, the emotion (both 

arousal and valence) and task effects were considered as a measure of affective processing (LPP) 

and cognitive processing demands (P3b), respectively. The temporal features of the LPP and the 

P3b were assessed by decomposing ERPs in each condition into stimulus-locked (S), latency-
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variable (C), and response-locked (R) component clusters according to their latency variability in 

trail-by-trial basis. In addition, topographies of both components were compared using non-

parametric permutation test, following the procedure described by Murray, Brunet, and Michel 

(2008). After RIDE decomposition, the arousal and valence effects (LPP) appeared to be 

significant only in S component cluster and the task effect was more pronounced in latency-

variable C component cluster. This shows that the processes underlying LPP are rather directly 

coupled to the stimuli and the ones underlying P3b appeared to be more temporally independent. 

Additionally, in spite of the relative similarity between the topographies related to LPP and P3b, 

statistical comparisons of the topographies indicated that they are significantly different which is 

consistent with the findings reported by Matsuda and Nittono (2014). The arousal and valence 

effects (LPP) showed mainly central positivity, whereas the task effect (P3b) was mostly 

pronounced at centroparietal electrode sites. The difference in topographies suggests that at least 

partially different neural generators are involved in emotion and task effects. That is, the LPP 

elicited by affective content and the P3b elicited by cognitive processing demands are not 

reflecting exactly the same sub-processes and thus they can be assumed to be two sub-

components of the late positivity.  

In conclusion, RIDE decomposition technique and topographical comparisons used in 

Study 1 showed that late positive components reflecting affective processing (defined as LPP) 

and cognitive processing demands (defined as P3b) are dissociable in terms of temporal features 

and neural generators, thus they are at least partially influenced by different sub-processes carried 

out in the brain.  

2.2 Study 2: “COMT Genotype is Differentially Associated with Single Trial Variability 

of ERPs as a Function of Memory Type.” (Nowparast Rostami et al., submitted) 

ISV in performance is a promising endophenotype for several psychiatric conditions, such as 

schizophrenia (Rentrop et al., 2010) and ADHD (Klein et al., 2006; Kofler et al., 2013; Saville et 

al., 2015). Evidence from psychopharmacology and molecular genetics suggests a link between 

ISV and the status of the catecholaminergic system, which is a neurotransmitter system involved 

in numerous cortical functions, such as memory, learning, and behavior, as well as several 

neurodegenerative disorders and psychiatric conditions, such as Alzheimer’s disease, Parkinson, 

and Schizophrenia. In a molecular genetic approach, the Val158Met polymorphism (rs4680) of the 

COMT gene can be studied as a factor to measure catecholamine functioning. The COMT gene 

regulates the production of the enzyme catechol-o-methyltransferase that deactivates 

catecholamines, such as dopamine, epinephrine, and norepinephrine by methylation. It is 

particularly essential for deactivation of dopamine in the prefrontal cortex (PFC), influencing the 
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sustained activity in PFC neurons and thus influencing stability and accuracy of cognitive 

performance. VAL158 homozygotes deactivate dopamine 3-4 times faster than MET158 

homozygotes, which results in decreased dopamine availability in PFC and shorter impact of 

dopamine in the synaptic cleft. 

Because of the contradictory results of the relationship between ISV in performance and 

COMT polymorphism across studies (e.g., Haraldsson et al., 2010; Stefanis et al., 2005), it has 

been suggested that this relationship may depend on the type of cognitive demands (Cools & 

D’Esposito, 2011). ISV in performance can be related to different stages of cognitive processing. 

Saville et al. (2014) studied the effect of the COMT Val158Met polymorphism on a specific stage 

of cognitive processes by measuring single-trial P3b latencies in a set of n-back tasks. In this 

study the authors used a P3b estimation approach in single trials that has been suggested by 

Saville et al. (2011), a trial-base peak picking method using data aggregation across electrodes 

and filtering. As a result of this study, Val+ genotypes were associated with lower ISV in both 

RTs and P3b latencies, similar to the findings of Haraldsson et al. (2010), but at variance with 

those of Stefanis et al. (2005).  

In Study 2, first we replicated the findings of Saville et al. (2014) by reanalyzing their 

data using an alternative single-trial analysis method, the RIDE described above. By applying 

RIDE we could measure ISV of cognitive processing speed after excluding overlapped motor-

related sub-components with latencies locked to the RTs. Results showed that increased 

variability in C latencies was associated with increased number of Met alleles.  

Second, we investigated whether individual differences in ISV found in working memory 

tasks in Saville et al. (2014) would replicate on a different task, recruiting different type of 

memory. Using RIDE, single-trial analysis has been applied on an EEG dataset captured with a 

face recognition task with a priming paradigm (N = 91). This dataset was reported previously in 

Kaltwasser et al. (2014) for an independent research question. ISV of cognitive processing speed 

at the neural level has been measured as trial-by-trial variability in the latencies of the C 

component identified by RIDE. Then, individual differences in ISV of face processing speed at 

behavioral and neural levels have been assessed depending on the COMT genotype. The results 

from face recognition tasks showed different association between the COMT genotype and C 

latency variability in familiar vs. unfamiliar task conditions. The trial-by-trial variability of C 

latency in individuals with more copies of the Val allele was significantly larger in unfamiliar 

than in familiar face conditions. In contrast, Met/Met carriers showed no significant difference in 

their variability of recognizing familiar vs. unfamiliar faces. Moreover, all individuals across 
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genotype groups showed similar ISV in C latency in familiar face recognition as compared with 

unfamiliar face recognition.  

The results related to ISV at the neural level were supported with a very similar pattern 

when considering ISV at the behavioral level (ISV in RTs). These findings suggest that 

individuals with more copies of Val allele are less stable (more flexible) than Met/Met carriers in 

different task conditions which require a different type of memory access – in our case, simple 

matching of memory representations in familiar faces condition vs. memory search requested in 

the unfamiliar faces condition. This is consistent with studies suggesting that Val alleles are 

associated with increased cognitive flexibility and Met alleles with increased cognitive stability 

(e.g., Markant, Cicchetti, Hetzel, & Thomas, 2014; Nolan, Bilder, Lachman, & Volavka, 2004). 

Furthermore, comparing the results from face recognition tasks representing a specific form of 

secondary memory with the ones from n-back tasks as recognition working memory tasks 

suggests the association of COMT genotype to ISV at both neural and behavioral levels to be a 

function of memory type.  

Besides, we also investigated to which extent ISV at the level of behavior can be 

explained by ISV measured at the neural level. The relationship between performance speed and 

C latencies on a trial-by-trial basis, as well as the effect of COMT on it have been examined by 

multivariate linear mixed effects modeling in both datasets. In both samples, C latency showed 

substantial power on predicting RT on the trial-by-trial level. In the dataset from the n-back 

tasks, the latency of the central cognitive processes was less predictive of RT in Met/Met 

carriers, who were more variable at both electrophysiological and behavioral levels, than in Val 

allele carriers. However, in the dataset captured by the face recognition tasks, in familiar 

conditions, showing less ISV than the unfamiliar conditions at both the electrophysiological and 

behavioral levels, the C latency turned out to be a better predictor of RT than in the unfamiliar 

conditions. In this dataset COMT did not modulate the predictive power of C latency. The 

findings in both datasets suggest that larger ISV in RT represents increased variability in several 

neurocognitive sub-processes as measured by ERPs.  

In conclusion, Study 2 provides evidence suggesting that individual differences in intra-

subject variability do not only depend on the COMT genotype, but also COMT effects on ISV 

depend on the type of cognitive processing (e.g., memory domain). Moreover, we could show 

that ISV in RT can be to some extend explained by C latency variability which is capturing the 

speed of central cognitive processes on a trial-by-trial basis.  
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2.3 Study 3: “Contributions of Structural Encoding and its Top-Down Modulation to 

Individual Differences in Face and Object Cognition: Evidence from the N1/N170 

Components of the Event-Related Brain Potentials” (Nowparast Rostami et al., 

submitted) 

From several scientific perspectives, it has been a controversial issue for long that whether the 

neural mechanisms underlying face cognition differ substantially from the ones underlying non-

face object cognition. For example, evidence from people with prosopagnosia with an isolated 

ability in recognizing faces but not non-face objects suggests distinct mechanism involved in face 

recognition (see Young, 2011, for review). In contrast to the evidence supporting domain-

specificity of face cognition (see Kanwisher & Yovel, 2006, for review), some evidence supports 

domain-general hypothesis, postulating that the same mechanism underlies both face and non-

face object processing. For example, the expertise hypothesis (Diamond & Carrey, 1986) 

suggests that the specific mechanisms underlying face processing are engaged in processing of 

any kinds of non-face visual stimuli of expertise, like cars, birds, etc (Gauthier, Tarr, Anderson, 

Skudlarski, & Gore, 1999; Gauthier, Skudlarski, Gore, & Anderson, 2000; Xu, 2005).  

From a neurophysiological perspective, which is particularly important in the context of 

this study, it has been shown that the N170 component can be considered a face-specific 

component because of being remarkably larger in its amplitude during the processing of faces 

than for other types of visual stimuli (e.g., Bentin, Allison, Puce, Perez, & McCarthy, 1996; 

Jeffreys, 1996; Eimer & McCarthy, 1999; Eimer, 2011). However, the N170 has been considered 

to belong to N1 component family elicited in response to non-face visual stimuli. Thus, it is 

unclear whether the neural processes underlying these two components are qualitatively different 

(arise from different or partially different processes) or quantitatively different (arise from the 

same processes but with different intensity). In a differential approach, correlational pattern of 

the measured variables in multiple experimental conditions can help to distinguish between these 

two alternatives. In such an approach, if pattern of correlations changes as a consequence of 

experimental manipulations, it indicates that they induce different mixture of sources or 

processes. On the other hand, if the correlational pattern does not change, it indicates that more 

or less of the same processes are involved in both control and experimental conditions (Oberauer, 

Wilhelm, & Schmiedek, 2005). Therefore, beside the research based on a group-mean approach, 

some studies investigated neural mechanisms underlying face processing from individual 

differences perspective, where variation across individuals has been treated as valuable 

information (see Yovel, Wilmer, & Duchaine, 2014, for review). A brief introduction about some 

of these studies which are relevant to Study 3 and their limitations is provided in section 1.2. 
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In Study 3, by orthogonally combining the content domain (faces vs. houses) and task 

difficulty (easy/speed vs. difficult/accuracy) in both the EEG experiment and the psychometric 

task battery, we aimed to investigate (1) whether the neural mechanisms underlying face 

cognition abilities are qualitatively different from the mechanisms underlying object cognition 

abilities and whether difficulty of the task induces additional sources or processes in the early 

stage of face and object cognition. (2) Whether the relationship between N170 latency and face 

cognition abilities found in Herzmann et al. (2010) and Kaltwasser et al. (2014) are face-specific 

or can be generalized to object domain. (3) Whether this relationship can be influenced by task 

difficulty, as a reflection of top-down effect on early stage of face processing. To these aims, we 

collected psychometric and EEG data from 211 participants in two independent sessions (EEG 

vs. psychometrics). In the psychometric test battery, including multiple tasks, we orthogonally 

combined speed (easy) and accuracy (difficult) tasks for both face and object perception and 

memory, aiming to capture the accuracy and speed of face perception (FP), face memory (FM), 

object perception (OP), and object memory (OM). In the EEG experiment, content domain (faces 

vs. houses) and task demand (low memory load/easy vs. high memory load/difficult) were 

orthogonally manipulated within recognition tasks based on a priming paradigm. After pre-

processing of the data, we analyzed each dataset and the brain-behavior relationship from 

individual differences perspective using SEMs. First, we established the best fitting psychometric 

models, separately on speed- and accuracy-related indicators of FP, FM, OP, and OM in order to 

study the uniqueness of the processes underlying face cognition as compared with object 

cognition abilities at the behavioral level. The best fitting speed-related model provided evidence 

for no distinction between the processes underlying FP, FM, OP, and OM in easy tasks. 

Moreover, the best fitting accuracy-related model revealed that the accuracy of face perception, 

face memory, and object memory are specific abilities above general object perception accuracy; 

that is, in difficult tasks both domain (face vs. object) and processes (perception vs. memory) are 

distinct. The findings at the behavioral level are consistent with the findings in previous work 

(Hildebrandt et al., 2010; 2011; 2012; 2013; Wilhelm et al., 2010). 

Second, at the electrophysiological level, we measured the N1/N170 latencies and 

amplitudes in all four conditions (primed-familiar, unprimed-familiar, primed-unfamiliar, and 

unprimed-unfamiliar) of all four recognition tasks (face-easy, face-difficult, object-easy, object-

difficult). Then, we established the measurement models on the N1/N170 indicators separately 

for latencies and amplitudes. Both best-fitting models of the N1/N170 latency and amplitude 

involved a general factor, accounting for the common variance across all tasks, and an additional 

specific factor, accounting for the common variance among the variables derived only from the 
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face cognition tasks. The face-specific factor indicates additional sources or processes underlying 

face cognition which are not involved in object cognition. This model revealed that the N170 to 

faces reflects the processes composed of a face-specific part and a part which is the same as the 

processes underlying object cognition in the early stage reflected in the N1 component. In 

addition to the specific face-related variance in the N170 latency and amplitude, the models 

indicated another specific variance above the general factor which were shared only among the 

indicators from face or object recognition task with high memory load. These specific factors 

indicate that high memory load or difficulty of the task induces additional processes that are 

qualitatively different from the set of processes needed for processing face and object stimuli 

when the task is easy in terms of memory load. This finding supports a top-down influence by 

higher-order cognitive processes on both N1 and face-specific part of the N170 components.  

Third, in order to measure the contributions of the N1/N170 latency and amplitude to 

individual differences in speed and accuracy of face and object cognition, the regression weights 

between the established N1/N170 factors and the latent variables obtained from behavioral data 

were calculated, using SEMs. These SEM models revealed that, (1) individual differences in the 

latency of the face-specific part of the N170 component contributed negatively to individual 

differences in the accuracy of FP, FM, and OM. Thus, individuals with faster structural encoding 

of faces are more accurate in perceiving faces and memorizing both faces and objects. This 

finding shows that the latency of only face-specific part of the N170 component is to some extent 

in charge of the accuracy in perceiving and memorizing faces and this relationship cannot be 

generalized to the N1 component and object cognition abilities. (2) In contrast to the N170 

latency and FP accuracy relationship in easy task, individual differences in the latency of the 

face-specific part of the N170 in difficult conditions contributed positively to FP accuracy. Thus, 

those individuals who slow down their structural encoding processes under accuracy demands, 

benefit in perceiving faces. This can be argued as a top-down effect on structural encoding of 

faces when task is difficult. (3) Individual differences in the face-specific part of the N170 

amplitude in difficult conditions contributed positively to individual differences in the accuracy 

of FP, FM, and OM. It suggests that individuals with stronger neural activity during structural 

encoding of faces under accuracy demands are more accurate in face perception and memory, as 

well as object memory. The stronger involvement of the neural activity under difficult condition 

suggests a top-down effect on the structural encoding of faces when the task is difficult. This 

shows the benefit of the top-down effects for better face recognition performance. (4) In contrast 

to the positive relationship of the face-specific N170 amplitude and FP accuracy in difficult task, 

individual differences in N1 amplitude indicating processes underlying object perception in 
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difficult conditions were negatively correlated with general factor accounting for the object 

perception-related variance. That is, individuals who decrease their N1 amplitude in perceiving 

objects under accuracy demands are more accurate in object perception. This contrast may 

indicate the dissociation of top-down modulation on N1 and face-specific N170 in difficult 

conditions. 

In conclusion, Study 3 provided some evidence suggesting that (1) the processes 

underlying face cognition are qualitatively different from the ones underlying object cognition. 

(2) The difficulty of the task influences the processes in the early stages of face and object 

cognition. (3) The latency of the face-specific N170 and the amplitude of both N1 and N170 can 

to some extent explain individual differences in face and object recognition abilities.
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3 General Discussion 

3.1 Summary of Findings 

Aiming to contribute with a better understanding of the biological mechanisms underlying inter- 

and intra-individual differences in face cognition, the present dissertation investigated the 

variability in face processing from neural, behavioral, and genetic perspectives. At the neural 

level, the indicators of face processing are measured in ERPs because of its high temporal 

resolution. Out of all ERP components indicating neurocognitive sub-processes associated with 

different stages involved in face recognition (see section 1.4), the N170 reflecting the structural 

encoding of faces and the late positive component associated with old/new effect in face 

recognition were of interest in this dissertation. However, ERP components are well-suited for 

studying the temporal dynamics, averaging across trials in a traditional ERP approach leads to 

mixing several ERP components especially in late time windows where the latencies of 

components across trials are more variable (see section 1.5). This problem could prevent us from 

reliably measuring the late positive component (P3b) which was the component of interest in 

Study 2. Therefore, the first research question addressed in this dissertation concerned about the 

smearing and mixing problem due to the latency variability of especially late sub-processes and 

corresponding ERP sub-components. By applying the RIDE method in Study 1, we could 

dissociate the late positive sub-components associated with emotion processing (LPP) and 

cognitive processing demands (P3b) based on their trial-by-trial latency variability features, 

although they appear to be similar or even equivalent in terms of time course and topography in 

conventional average ERP analysis. Our finding in this study confirmed that RIDE can separate 

the latency-variable sub-components reflecting cognitive processes from the stimulus- and 

response-locked sub-components, respectively, reflecting stimulus and motor processes. Thus, we 

could demonstrate that the information about trial-by-trial latency variability of the ERP 

components provided by RIDE makes it a proper method to extract reliable single-trial 

parameters of the latency-variable late positive sub-components associated only with cognitive 

processes. This information was required in Study 2 in which we addressed neural and genetic 

basis of individual differences in ISV of face cognition speed. In this study we showed that ISV 

of face cognition speed in both RT and C latency (equivalent to latency-variable sub-components 

of the late positive component) is stable in Met/Met carriers but depends on the familiarity of the 

faces in Val/Val carriers, showing larger ISV in recognizing unfamiliar faces than familiar ones. 

Moreover, ISV in RT and C latency was similar for all individuals across genotype groups in 

familiar as compared with unfamiliar face recognition. The reason that Val/Val carriers are more 

variable in case of unfamiliar face recognition as compared with Met/Met carriers, can be 
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explained by their personality. In many studies the association between COMT and personality 

traits has been proved (see Montag, Jurkiewicz, & Reuter, 2012, for review). For example, it has 

been shown that Val/Val genotype is associated with novelty seeking (e.g., Reuter & Henning, 

2005; Tsai, Hong, Yu, & Chen, 2004) which is a personality trait associated with avoidance of 

frustration and exploratory activity in response to novel stimulation (Cloninger, Svrakic, and 

Przybeck, 1993). Hence, it can be speculated that in case of unfamiliar face recognition which 

leads to exhaustive search in the memory (FRU), if the target face is not distinctive enough from 

learned faces to be recognized quickly as unfamiliar face, Val/Val carriers tend to search more in 

FRU to be sure that there is no matched structural code and Met/Met carriers tend to guess 

instead of searching through the whole stored structural codes. Since some unfamiliar faces are 

more distinctive and need less searching time and some others need longer search through the 

FRU, not being frustrated will definitely result in larger ISV than just using guessing strategy. 

Moreover, the brain-behavior relationship regarding the intra-subject variability in face cognition 

speed in this study showed that face cognition speed in performance can be to some extend 

predicted by C latency on a trial-by-trial basis. Besides, combining the findings in this study with 

the replication of findings from Saville et al. (2014), as explained briefly in summary of Study 2, 

we could provide some evidence suggesting that individual differences in ISV not only can be 

related to the COMT genotype, but also can be related to the type of cognitive processing (e.g., 

memory domain).  

Besides, we addressed neural mechanisms underlying face processing from individual 

differences perspective in Study 3. This study involves a well-structured experimental design in 

both EEG and psychometric levels, a large number of sample size in order to bring up the 

statistical power, and advanced statistics applied for modelling the data. The differential approach 

considered in this study, by using nested SEMs, provided a golden opportunity to address the 

uniqueness of the processes underlying face cognition as compared with object cognition in early 

stages of processing and the influence of task difficulty on them. In this study at the behavioral 

level and in line with the findings in previous studies, we showed that the same processes 

underlie the speed of face and object processing in both perception and memory when the tasks 

are easy and in contrast, in difficult tasks different processes are in charge of the accuracy in face 

perception, face memory, object perception, and object memory. At the neurophysiological level, 

we indicated that the N170 to faces reflects the processes which are partly the same as the 

processes underlying object cognition in the early stages as reflected in the N1 and partly specific 

to faces which are qualitatively different from the object-related processes. In addition, in both 

latency and amplitude measures, we showed that the difficulty of the task induces additional 
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sources or processes in the early stage of both face (N170) and object processing (N1), 

suggesting top-down effect on the N170 and N1 components. At the level of brain-behavior 

relationship, we showed that the face-specific part of the N170 latency can be to some extent 

predictive of the individual differences in face and object recognition abilities and this brain-

behavior relationship cannot be generalized to the N1 component. This supports the qualitative 

difference between the processes which are reflected in the face-specific part of the N170 and in 

the N1. Moreover, we showed that under the accuracy demands in difficult tasks the pattern of 

the relationship between the latency and amplitude of N1/N170 and face and object cognition 

abilities changes. As another evidence, this also supports the top-down effect on the early stage 

of stimulus processing.  

3.2 Limitations 

Though the present dissertation extended our knowledge about some specific mechanisms 

underlying face cognition abilities, there were some limitations which are mentioned in this 

section and solutions are suggested for improvements in following studies.  

In Study 2, first, the relatively small and unequal number of sample size in each genotype 

group can be considered a main shortcoming which limits the power of linear mixed effects 

models applied in this study. Second, the sex difference were ignored in this study because of the 

limited number of observations in the samples, however it has been previously shown in the 

literature that, for instance, the association between COMT and personality which can explain 

our findings in this study is strongly influenced by sex (Chen et al., 2011). Third, regarding the 

brain-behavior relationship in face cognition speed, both neural and behavioral measurements 

have been collected in the same experiment. In future work, it is better to go beyond this 

approach that intrinsically contains statistical dependency between the measurements. The 

possible task-related correlations due to statistical dependency can be avoided by estimating 

relationships between ISV in neurocognitive and behavioral indicators as latent constructs 

measured in independent experimental tasks. Forth, in order to investigate whether the neural and 

genetic bases of individual differences in ISV of face cognition speed are face-specific or could 

be generalized to other content, the experiment should be extended to object recognition tasks 

preferably at both EEG and psychometric levels. A replication of Study 2 using the dataset 

collected in the Study 3 can potentially overcome the limitations mentioned above, because it 

includes (1) a large number of observations included in the sample, (2) face and object 

recognition tasks in both EEG experiment and psychometric test battery measured in independent 

sessions, and (3) saliva-derived genomic DNA samples which can be used to define the genotype 

of COMT Val158Met polymorphism in each individual.  
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In Study 3, the different size of face and house stimuli used in the experiment, in the first 

glance could be considered as a limitation to address the specificity of the neural mechanism 

underlying face cognition in early stage due to the fact that early visual components are affected 

by low-level visual features, such as size of the stimuli. However, we believe that the difference 

in low-level features, although important in studies pursuing an experimental (mean differences) 

approach, does not affect the correlational structure, the approach which has been applied in the 

Study 3. The main limitation of Study 3 is that the source of the top-down effect on N170 and N1 

is not clear. Based on the current experimental design we cannot conclude the top-down effect is 

resulted from the high memory load per se, difficulty of the task due to high memory load, or the 

additional attention paid to the stimuli implicitly under higher cognitive demand in difficult 

condition. Furthermore, the specificity of the cognitive and neural mechanisms underlying face 

cognition within neurophysiological research was mainly challenged by the expertise point of 

view. Thus, it would be an important contribution to the specificity debate if we could investigate 

the specificity of face processing also in experts of houses, as representative of objects in this 

study, by comparing their ability structure of face vs. object cognition with the structure 

established for “only” face experts.   

3.3 Future Outlook 

The EEG experiment and psychometric test battery mentioned in Study 3 were designed and 

conducted to address several questions in relatively longer-term. The results obtained and 

presented here have addressed some of the questions (see Study 3) and a few further works on 

this dataset will be done/are ongoing as explained in the following paragraphs.  

Neurocognitive mechanisms underlying speed and accuracy of face and object 

processing 

The dichotomy between domain-general abilities representing mental processing speed and 

domain-specific abilities of face and object cognition accuracy and the neurocognitive 

mechanisms underlying speed and accuracy of face and object cognition which have been 

addressed in Study 3 was limited only to the N170 component known to indicate part of 

perceptual processes. Thus, the diligent approach applied in this study can be extended to other 

ERP components indicating central (e.g., memory, decision, and response selection) and motor 

processes in face and object cognition. To this aim, the power of RIDE method can be also 

employed to enhance the measurement models of ERP indicators by parameterizing ERP 

components that are not smeared due to latency variability.  

In addition, assuming that the total variance in performance speed and accuracy across 

subjects is mostly driven from the variance in perception, central processing, and motor 
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processing, we will investigate whether the contribution of central processing to performance 

variance enhances in accuracy as compared with speed tasks. In order to test this assumption we 

will use a latent variable approach for modeling behavioral outcomes and ERPs and relate them 

to each other in SEMs. Moreover, we will ask whether individual differences in the accuracy of 

face and object perception and recognition are differentially related to the central processes 

measured during performing accuracy tasks within the same vs. non-corresponding content 

domains.  

The relationship between pre-stimulus EEG and face and object cognition abilities 

In the current dissertation, the neurocognitive mechanisms underlying inter-and intra-individual 

variability in face and object cognition have been investigated from a post-stimulus brain activity 

perspective. However, it is unclear whether the variability in stimulus processing could be 

explained by the fluctuation in pre-stimulus activity and whether the association of the N170 

component and face and object recognition abilities found in Study 3 is a function of pre-

stimulus processing. Thus, we wish to investigate whether the variation of pre-stimulus activity 

explains the variability of the ERP components and whether it has any impact on face and object 

recognition abilities.  

Gender effect on the N170 component 

In Study 3, the conclusions regarding domain specificity and difficulty effects on the N170 

amplitude and latency and their relationship with face and object cognition abilities were made 

from an individual differences perspective, but without considering gender differences as an 

independent factor. However, the superiority of women in face cognition has been already shown 

in several studies (e.g., Sommer et al., 2013). Therefore, there is need for extension of the models 

reported in Study 3 by adding the gender as a factor to investigate whether there is a gender 

difference in structural analysis to faces and if yes, whether it can explain the gender difference 

in face cognition abilities.   

Priming and familiarity effect in face cognition 

It has been a controversial issue whether the priming effect is just a latency shift of primed vs. 

unprimed condition or it is showing two different underlying processes. The large dataset and the 

experimental design including priming paradigm used in Study 3 provides the opportunity to 

investigate this issue in both face and object recognition. Using RIDE method, we can explore 

the neural underpinning of priming effect in the central processes after excluding the response-

related processes. 
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3.4 Conclusion 

The present dissertation helped to elucidate the biological mechanisms underlying face cognition 

by investigating inter- and intra-individual variability at the neural, behavioral, and genetic 

levels. We showed that (1) the neural mechanisms underlying face perception qualitatively differ 

from the ones underlying object perception. (2) Memory load as a higher cognitive function exert 

top-down influences on early stage of face and object processing, reflected in N1 and N170 

components. (3) The neural mechanisms underlying face cognition in early processing stages, 

reflected in N170, contribute to the individual differences in face cognition abilities. (4) These 

contributions are specific to faces and cannot be generalized across non-face stimuli. (5) Intra-

subject variability in face processing speed is heritable. (6) Individual differences in ISV at both 

behavioral and neural levels are related not only to the COMT Val158Met polymorphism, but also 

to the type of cognitive processing (e.g., memory domain). (7) ISV in face processing speed can 

be partially explained by ISV in the speed of central cognitive processes, reflected in P3b 

component. 

In conclusion, the integrated results from different studies in my dissertation demonstrate 

the psychological importance of the information provided by inter- and intra-individual 

variability in face and object processing for investigating the underlying biological mechanisms 

and the brain-behavior relationship in order to better understand how this particular human 

ability is carried out and how it develops. 



 

 



References 
 

29 

References 

Abdel Rahman, R., & Sommer, W. (2012). Knowledge scale effects in face recognition: An 

electrophysiological investigation. Cognitive, Affective, & Behavioral Neuroscience, 

12(1), 161-174. doi:10.3758/s13415-011-0063-9 

Alexander, G. E., Mentis, M. J., Van Horn, J. D., Grady, C. L., Berman, K. F., Furey, M. L., … 

Moeller, J. R. (1999). Individual differences in PET activation of object perception and 

attention systems predict face matching accuracy. NeuroReport, 10(9), 1965-1971. 

doi:10.1097/00001756-199906230-00032 

Allison, P. D. (2001). Missing data. Thousand Oaks, CA: Sage Publications. 

doi:10.4135/9781412985079 

American Electroencephalographic Society. (1991). Guidelines for standard electrode position 

nomenclature. Journal of Clinical Neurophysiology, 8(2), 200-202. 

doi:10.1097/00004691-199104000-00007 

Anaki, D., Zion-Golumbic, E., & Bentin, S. (2007). Electrophysiological neural mechanisms for 

detection, configural analysis and recognition of faces. NeuroImage, 37(4), 1407-1416. 

doi:10.1016/j.neuroimage.2007.05.054 

Bates, D., Mächler, M., Bolker, B., & Walker, S. (2015). Fitting linear mixed-effects models 

using lme4. Journal of Statistical Software, 67(1), 1-48. doi:10.18637/jss.v067.i01 

Bayer, M., & Schacht, A. (2014). Event-related brain responses to emotional words, pictures, and 

faces – A cross-domain comparison. Frontiers in Psychology, 5, 1106. 

doi:10.3389/fpsyg.2014.01106 

Bayer, M., Sommer, W., & Schacht, A. (2011). Emotional words impact the mind but not the 

body: Evidence from pupillary responses. Psychophysiology, 48(11), 1554-1562. 

doi:10.1111/j.1469-8986.2011.01219.x 

Bayer, M., Sommer, W., & Schacht, A. (2012). P1 and beyond: Functional separation of multiple 

emotion effects in word recognition. Psychophysiology, 49(7), 959-969. 

doi:10.1111/j.1469-8986.2012.01381.x 



References 
 

30 

Bellgrove, M. A., Hester, R., & Garavan, H. (2004). The functional neuroanatomical correlates 

of response variability: Evidence from a response inhibition task. Neuropsychologia, 

42(14), 1910-1916. doi:10.1016/j.neuropsychologia.2004.05.007 

Bender, S., Banaschewski, T., Roessner, V., Klein, C., Rietschel, M., Feige, B., … Laucht, M. 

(2015). Variability of single trial brain activation predicts fluctuations in reaction time. 

Biological Psychology, 106, 50-60. doi:10.1016/j.biopsycho.2015.01.013 

Bentin, S., Allison, T., Puce, A., Perez, E., & McCarthy, G. (1996). Electrophysiological studies 

of face perception in humans. Journal of Cognitive Neuroscience, 8(6), 551-565. 

doi:10.1162/jocn.1996.8.6.551 

Bentin, S., & Carmel, D. (2002). Accounts for the N170 face-effect: A reply to Rossion, Curran, 

& Gauthier. Cognition, 85(2), 197-202. doi:10.1016/s0010-0277(02)00102-6 

Bentin, S., & Deouell, L. Y. (2000). Structural encoding and identification in face processing: erp 

evidence for separate mechanisms. Cognitive Neuropsychology, 17(1-3), 35-55. 

doi:10.1080/026432900380472 

Bentin, S., & Golland, Y. (2002). Meaningful processing of meaningless stimuli: The influence 

of perceptual experience on early visual processing of faces. Cognition, 86(1), B1-B14. 

doi:10.1016/s0010-0277(02)00124-5 

Bentin, S., Sagiv, N., Mecklinger, A., Friederici, A., & Von Cramon, Y. D. (2002). Priming 

visual face-processing mechanisms: Electrophysiological evidence. Psychological 

Science, 13(2), 190-193. doi:10.1111/1467-9280.00435 

Birkett, P., Sigmundsson, T., Sharma, T., Toulopoulou, T., Griffiths, T. D., Reveley, A., & 

Murray, R. (2007). Reaction time and sustained attention in schizophrenia and its genetic 

predisposition. Schizophrenia Research, 95(1-3), 76-85. doi:10.1016/j.schres.2007.05.030 

Bollen, K. A. (1989). Structural equations with latent variables. New York: Wiley.  

Braver, T. S., Cole, M. W., & Yarkoni, T. (2010). Vive les differences! Individual variation in 

neural mechanisms of executive control. Current Opinion in Neurobiology, 20(2), 242-

250. doi:10.1016/j.conb.2010.03.002 



References 
 

31 

Breedlove, S. M., Rosenzweig, M. R., & Watson, N. V. (2007). Biological psychology: An 

introduction to behavioral, cognitive, and clinical neuroscience (5th ed). Sinauer 

Associates, Inc.  

Bruce, V., & Young, A. (1986). Understanding face recognition. British Journal of Psychology, 

77(3), 305-327. doi:10.1111/j.2044-8295.1986.tb02199.x 

Brunet, D., Murray, M. M., & Michel, C. M. (2011). Spatio-temporal analysis of multichannel 

EEG: CARTOOL. Computational Intelligence and Neuroscience, 2011, 1-15. 

doi:10.1155/2011/813870 

Buuren, S. V., & Groothuis-Oudshoorn, K. (2011). mice : Multivariate imputation by chained 

equations in R. Journal of Statistical Software, 45(3), 1-67. doi:10.18637/jss.v045.i03 

Cacioppo, J. T., & Berntson, G. G. (2007). Affective distinctiveness: Illusory or real? Cognition 

and Emotion, 21(6), 1347-1359. doi:10.1080/02699930701502262 

Calder, A. J., Rhodes, G., Johnson, M. H., & Haxby, J. V. (2011). The Oxford handbook of face 

perception. Oxford: Oxford University Press. 

doi:10.1093/oxfordhb/9780199559053.001.0001 

Carroll, J. B. (1993). Human cognitive abilities: A survey of factor-analytic studies. Cambridge: 

Cambridge University Press. 

Cauquil, A. S., Edmonds, G. E., & Taylor, M. J. (2000). Is the face-sensitive N170 the only ERP 

not affected by selective attention? NeuroReport, 11(10), 2167-2171. 

doi:10.1097/00001756-200007140-00021 

Chaumon, M., Bishop, D. V., & Busch, N. A. (2015). A practical guide to the selection of 

independent components of the electroencephalogram for artifact correction. Journal of 

Neuroscience Methods, 250, 47-63. doi:10.1016/j.jneumeth.2015.02.025 

Chen, C., Chen, C., Moyzis, R., Dong, Q., He, Q., Zhu, B., … Lessard, J. (2011). Sex modulates 

the associations between the COMT gene and personality traits. 

Neuropsychopharmacology, 36(8), 1593-1598. doi:10.1038/npp.2011.39 



References 
 

32 

Citron, F. M. (2012). Neural correlates of written emotion word processing: A review of recent 

electrophysiological and hemodynamic neuroimaging studies. Brain and Language, 

122(3), 211-226. doi:10.1016/j.bandl.2011.12.007 

Clark, V. P., Keil, K., Maisog, J. M., Courtney, S., Ungerleider, L. G., & Haxby, J. V. (1996). 

Functional magnetic resonance imaging of human visual cortex during face matching: A 

comparison with positron emission tomography. NeuroImage, 4(1), 1-15. 

doi:10.1006/nimg.1996.0025 

Cloninger, C. R., Svrakic, D. M., & Przybeck, T. R. (1993). A psychobiological model of 

temperament and character. Archives of General Psychiatry, 50(12), 975-990. 

doi:10.1001/archpsyc.1993.01820240059008 

Codispoti, M., Ferrari, V., & Bradley, M. M. (2006). Repetitive picture processing: Autonomic 

and cortical correlates. Brain Research, 1068(1), 213-220. 

doi:10.1016/j.brainres.2005.11.009 

Codispoti, M., Ferrari, V., & Bradley, M. M. (2007). Repetition and event-related potentials: 

Distinguishing early and late processes in affective picture perception. Journal of 

Cognitive Neuroscience, 19(4), 577-586. doi:10.1162/jocn.2007.19.4.577 

Cools, R., & D'Esposito, M. (2011). Inverted-U-shaped dopamine actions on human working 

memory and cognitive control. Biological Psychiatry, 69(12), e113-e125. 

doi:10.1016/j.biopsych.2011.03.028 

Curran, T. (2000). Brain potentials of recollection and familiarity. Memory & Cognition, 28(6), 

923-938. doi:10.3758/bf03209340 

Cuthbert, B. N., Schupp, H. T., Bradley, M. M., Birbaumer, N., & Lang, P. J. (2000). Brain 

potentials in affective picture processing: Covariation with autonomic arousal and 

affective report. Biological Psychology, 52(2), 95-111. doi:10.1016/s0301-

0511(99)00044-7 

Deffke, I., Sander, T., Heidenreich, J., Sommer, W., Curio, G., Trahms, L., & Lueschow, A. 

(2007). MEG/EEG sources of the 170-ms response to faces are co-localized in the 

fusiform gyrus. NeuroImage, 35(4), 1495-1501. doi:10.1016/j.neuroimage.2007.01.034 



References 
 

33 

De Frias, C. M., Dixon, R. A., Fisher, N., & Camicioli, R. (2007). Intraindividual variability in 

neurocognitive speed: A comparison of Parkinson's disease and normal older adults. 

Neuropsychologia, 45(11), 2499-2507. doi:10.1016/j.neuropsychologia.2007.03.022 

Delorme, A., & Makeig, S. (2004). EEGLAB: An open source toolbox for analysis of single-trial 

EEG dynamics including independent component analysis. Journal of Neuroscience 

Methods, 134(1), 9-21. doi:10.1016/j.jneumeth.2003.10.009 

Dennett, H. W., McKone, E., Edwards, M., & Susilo, T. (2012). Face aftereffects predict 

individual differences in face recognition ability. Psychological Science, 23(11), 1279-

1287. doi:10.1177/0956797612446350 

Diamond, R., & Carey, S. (1986). Why faces are and are not special: An effect of expertise. 

Journal of Experimental Psychology: General, 115(2), 107-117. doi:10.1037/0096-

3445.115.2.107 

Di Russo, F. J., & Spinelli, D. (2010). Sport is not always healthy: Executive brain dysfunction in 

professional boxers. Psychophysiology, 47(3), 425-434. doi:10.1111/j.1469-

8986.2009.00950.x 

Doi, H., Sawada, R., & Masataka, N. (2007). The effects of eye and face inversion on the early 

stages of gaze direction perception – An ERP study. Brain Research, 1183, 83-90. 

doi:10.1016/j.brainres.2007.08.073 

Donchin, E. (1981). Surprise!? Surprise? Psychophysiology, 18(5), 493-513. doi:10.1111/j.1469-

8986.1981.tb01815.x 

Duchaine, B., & Nakayama, K. (2006). Developmental prosopagnosia: A window to content-

specific face processing. Current Opinion in Neurobiology, 16(2), 166-173. 

doi:10.1016/j.conb.2006.03.003 

Duchaine, B., Yovel, G., Butterworth, E., & Nakayama, K. (2004). Elimination of all domain-

general hypotheses of prosopagnosia in a single individual: Evidence for an isolated 

deficit in 2nd order configural face processing. Journal of Vision, 4(8), 214-214a. 

doi:10.1167/4.8.214 



References 
 

34 

Duncan-Johnson, C. C., & Donchin, E. (1977). On quantifying surprise: The variation of event-

related potentials with subjective probability. Psychophysiology, 14(5), 456-467. 

doi:10.1111/j.1469-8986.1977.tb01312.x 

Eder, A. B., Hommel, B., & Houwer, J. D. (2007). How distinctive is affective processing? On 

the implications of using cognitive paradigms to study affect and emotion. Cognition and 

Emotion, 21(6), 1137-1154. doi:10.1080/02699930701437386 

Eimer, M. (2000a). Attentional modulations of event-related brain potentials sensitive to faces. 

Cognitive Neuropsychology, 17(1-3), 103-116. doi:10.1080/026432900380517 

Eimer, M. (2000b). Event-related brain potentials distinguish processing stages involved in face 

perception and recognition. Clinical Neurophysiology, 111(4), 694-705. 

doi:10.1016/s1388-2457(99)00285-0 

Eimer, M. (2011). The face-sensitive N170 component of the event-related brain potential. In A. 

J. Calder, G. Rhodes, M. H. Johnson, & J. V. Haxby (Eds.), The Oxford handbook of face 

perception. Oxford: Oxford University Press. 

doi:10.1093/oxfordhb/9780199559053.013.0017 

Eimer, M., Gosling, A., Nicholas, S., & Kiss, M. (2011). The N170 component and its links to 

configural face processing: A rapid neural adaptation study. Brain Research, 1376, 76-87. 

doi:10.1016/j.brainres.2010.12.046 

Eimer, M., Kiss, M., & Nicholas, S. (2010). Response profile of the face-sensitive N170 

component: A rapid adaptation study. Cerebral Cortex, 20(10), 2442-2452. 

doi:10.1093/cercor/bhp312 

Eimer, M., & McCarthy, R. A. (1999). Prosopagnosia and structural encoding of faces: Evidence 

from event-related potentials. NeuroReport, 10(2), 255-259. doi:10.1097/00001756-

199902050-00010 

Endl, W., Walla, P., Lindinger, G., Lalouschek, W., Barth, F. G., Deecke, L., & Lang, W. (1998). 

Early cortical activation indicates preparation for retrieval of memory for faces: An event-

related potential study. Neuroscience Letters, 240(1), 58-60. doi:10.1016/s0304-

3940(97)00920-8 



References 
 

35 

Estudillo, A. J. (2012). Facial memory: The role of the pre-existing knowledge in face processing 

and recognition. Europe’s Journal of Psychology, 8(2), 231-244. 

doi:10.5964/ejop.v8i2.455 

Farah, M. J., Levinson, K. L., & Klein, K. L. (1995). Face perception and within-category 

discrimination in prosopagnosia. Neuropsychologia, 33(6), 661-674. doi:10.1016/0028-

3932(95)00002-k 

Fischler, I., & Bradley, M. (2006). Event-related potential studies of language and emotion: 

Words, phrases, and task effects. Progress in Brain Research, 156, 185-203. 

doi:10.1016/s0079-6123(06)56009-1 

Friedman, D., & Johnson, R. (2000). Event-related potential (ERP) studies of memory encoding 

and retrieval: A selective review. Microscopy Research and Technique, 51(1), 6-28. 

doi:10.1002/1097-0029(20001001)51:13.0.co;2-r 

Gauthier, I., Skudlarski, P., Gore, J. C., & Anderson, A. W. (2000). Expertise for cars and birds 

recruits brain areas involved in face recognition. Nature Neuroscience, 3(2), 191-197. 

doi:10.1038/72140 

Gauthier, I., Tarr, M. J., Anderson, A. W., Skudlarski, P., & Gore, J. C. (1999). Activation of the 

middle fusiform ‘face area’ increases with expertise in recognizing novel objects. Nature 

Neuroscience, 2(6), 568-573. doi:10.1038/9224 

Germine, L. T., Duchaine, B., & Nakayama, K. (2011). Where cognitive development and aging 

meet: Face learning ability peaks after age 30. Cognition, 118(2), 201-210. 

doi:10.1016/j.cognition.2010.11.002 

Hansen, J. C. (1983). Separation of overlapping waveforms having known temporal distributions. 

Journal of Neuroscience Methods, 9(2), 127-139. doi:10.1016/0165-0270(83)90126-7 

Haraldsson, H. M., Ettinger, U., Magnusdottir, B. B., Sigmundsson, T., Sigurdsson, E., 

Ingason, A., & Petursson, H. (2010). Catechol-o-methyltransferase val158met 

polymorphism and antisaccade eye movements in schizophrenia. Schizophrenia Bulletin, 

36(1), 157-164. doi:10.1093/schbul/sbn064 



References 
 

36 

Harris, A., & Nakayama, K. (2008). Rapid adaptation of the M170 response: Importance of face 

parts. Cerebral Cortex, 18(2), 467-476. doi:10.1093/cercor/bhm078 

Haxby, J. V., Hoffman, E. A., & Gobbini, M. I. (2000). The distributed human neural system for 

face perception. Trends in Cognitive Sciences, 4(6), 223-233. doi:10.1016/s1364-

6613(00)01482-0 

Herbert, C., Junghofer, M., & Kissler, J. (2008). Event related potentials to emotional adjectives 

during reading. Psychophysiology, 45(3), 487-498. doi:10.1111/j.1469-

8986.2007.00638.x 

Herbert, C., Kissler, J., Junghofer, M., Peyk, P., & Rockstroh, B. (2006). Processing of emotional 

adjectives: Evidence from startle EMG and ERPs. Psychophysiology, 43(2), 197-206. 

doi:10.1111/j.1469-8986.2006.00385.x 

Herlitz, A., & Yonker, J. E. (2002). Sex differences in episodic memory: The influence of 

intelligence. Journal of Clinical and Experimental Neuropsychology, 24(1), 107-114. 

doi:10.1076/jcen.24.1.107.970 

Herzmann, G., Danthiir, V., Schacht, A., Sommer, W., & Wilhelm, O. (2008). Toward a 

comprehensive test battery for face cognition: Assessment of the tasks. Behavior 

Research Methods, 40(3), 840-857. doi:10.3758/brm.40.3.840 

Herzmann, G., Kunina, O., Sommer, W., & Wilhelm, O. (2010). Individual differences in face 

cognition: Brain–behavior relationships. Journal of Cognitive Neuroscience, 22(3), 571-

589. doi:10.1162/jocn.2009.21249 

Herzmann, G., & Sommer, W. (2007). Memory-related ERP components for experimentally 

learned faces and names: Characteristics and parallel-test reliabilities. Psychophysiology, 

44(2), 262-276. doi:10.1111/j.1469-8986.2007.00505.x 

Herzmann, G., & Sommer, W. (2010). Effects of previous experience and associated knowledge 

on retrieval processes of faces: An ERP investigation of newly learned faces. Brain 

Research, 1356, 54-72. doi:10.1016/j.brainres.2010.07.054 



References 
 

37 

Hildebrandt, A., Schacht, A., Sommer, W., & Wilhelm, O. (2012). Measuring the speed of 

recognising facially expressed emotions. Cognition and Emotion, 26(4), 650-666. 

doi:10.1080/02699931.2011.602046 

Hildebrandt, A., Sommer, W., Herzmann, G., & Wilhelm, O. (2010). Structural invariance and 

age-related performance differences in face cognition. Psychology and Aging, 25(4), 794-

810. doi:10.1037/a0019774 

Hildebrandt, A., Wilhelm, O., Herzmann, G., & Sommer, W. (2013). Face and object cognition 

across adult age. Psychology and Aging, 28(1), 243-248. doi:10.1037/a0031490 

Hildebrandt, A., Wilhelm, O., Schmiedek, F., Herzmann, G., & Sommer, W. (2011). On the 

specificity of face cognition compared with general cognitive functioning across adult 

age. Psychology and Aging, 26(3), 701-715. doi:10.1037/a0023056 

Holmes, A., Vuilleumier, P., & Eimer, M. (2003). The processing of emotional facial expression 

is gated by spatial attention: Evidence from event-related brain potentials. Cognitive 

Brain Research, 16(2), 174-184. doi:10.1016/s0926-6410(02)00268-9 

Hu, L., & Bentler, P. M. (1999). Cutoff criteria for fit indexes in covariance structure analysis: 

Conventional criteria versus new alternatives. Structural Equation Modeling: A 

Multidisciplinary Journal, 6(1), 1-55. doi:10.1080/10705519909540118 

Jacques, C., & Rossion, B. (2004). Concurrent processing reveals competition between visual 

representations of faces. NeuroReport, 15(15), 2417-2421. doi:10.1097/00001756-

200410250-00023 

Jacques, C., & Rossion, B. (2006). The time course of visual competition to the presentation of 

centrally fixated faces. Journal of Vision, 6(2), 154-162. doi:10.1167/6.2.6 

Jeffreys, D. A. (1996). Evoked potential studies of face and object processing. Visual Cognition, 

3(1), 1-38. doi:10.1080/713756729 

Jemel, B., George, N., Olivares, E., Fiori, N., & Renault, B. (1999). Event-related potentials to 

structural familiar face incongruity processing. Psychophysiology, 36(4), 437-452. 

doi:10.1111/1469-8986.3640437 



References 
 

38 

Jemel, B., Pisani, M., Calabria, M., Crommelinck, M., & Bruyer, R. (2003). Is the N170 for faces 

cognitively penetrable? Evidence from repetition priming of Mooney faces of familiar 

and unfamiliar persons. Cognitive Brain Research, 17(2), 431-446. doi:10.1016/s0926-

6410(03)00145-9 

Johansson, M., Mecklinger, A., & Treese, A. (2004). Recognition memory for emotional and 

neutral faces: An event-related potential study. Journal of Cognitive Neuroscience, 

16(10), 1840-1853. doi:10.1162/0898929042947883 

Johnson, R. (1986). A triarchic model of P300 amplitude. Psychophysiology, 23(4), 367-384. 

doi:10.1111/j.1469-8986.1986.tb00649.x 

Kaltwasser, L., Hildebrandt, A., Recio, G., Wilhelm, O., & Sommer, W. (2014). Neurocognitive 

mechanisms of individual differences in face cognition: A replication and extension. 

Cognitive, Affective, & Behavioral Neuroscience, 14(2), 861-878. doi:10.3758/s13415-

013-0234-y 

Kanwisher, N. (2000). Domain specificity in face perception. Nature Neuroscience 3(8), 759–

763. doi:10.1038/77664 

Kanwisher, N., McDermott, J., & Chun, M. M. (1997). The fusiform face area: A module in 

human extrastriate cortex specialized for face perception. Journal of Neuroscience, 

17(11), 4302-4311. doi: 10.3410/f.717989828.793472998 

Kanwisher, N., & Yovel, G. (2006). The fusiform face area: A cortical region specialized for the 

perception of faces. Philosophical Transactions of the Royal Society B: Biological 

Sciences, 361(1476), 2109-2128. doi:10.1098/rstb.2006.1934 

Keil, A., Bradley, M. M., Hauk, O., Rockstroh, B., Elbert, T., & Lang, P. J. (2002). Large-scale 

neural correlates of affective picture processing. Psychophysiology, 39(5), 641-649. 

doi:10.1111/1469-8986.3950641 

Kissler, J., Herbert, C., Winkler, I., & Junghofer, M. (2009). Emotion and attention in visual 

word processing: An ERP study. Biological Psychology, 80(1), 75-83. 

doi:10.1016/j.biopsycho.2008.03.004 



References 
 

39 

Klein, C., Wendling, K., Huettner, P., Ruder, H., & Peper, M. (2006). Intra-subject variability in 

attention-deficit hyperactivity disorder. Biological Psychiatry, 60(10), 1088-1097. 

doi:10.1016/j.biopsych.2006.04.003 

Kofler, M. J., Rapport, M. D., Sarver, D. E., Raiker, J. S., Orban, S. A., Friedman, L. M., & 

Kolomeyer, E. G. (2013). Reaction time variability in ADHD: A meta-analytic review of 

319 studies. Clinical Psychology Review, 33(6), 795-811. doi:10.1016/j.cpr.2013.06.001 

Kovács, G., Zimmer, M., Bankó, É., Harza, I., Antal, A., & Vidnyánszky, Z. (2006). 

Electrophysiological correlates of visual adaptation to faces and body parts in humans. 

Cerebral Cortex, 16(5), 742-753. doi:10.1093/cercor/bhj020 

Kriegeskorte, N., & Bandettini, P. (2007). Analyzing for information, not activation, to exploit 

high-resolution fMRI. NeuroImage, 38(4), 649-662. 

doi:10.1016/j.neuroimage.2007.02.022 

Kutas, M., McCarthy, G., & Donchin, E. (1977). Augmenting mental chronometry: The P300 as 

a measure of stimulus evaluation time. Science, 197(4305), 792-795. 

doi:10.1126/science.887923 

Lewin, C., & Herlitz, A. (2002). Sex differences in face recognition – Women’s faces make the 

difference. Brain and Cognition, 50(1), 121-128. doi:10.1016/s0278-2626(02)00016-7 

Luck, S. J. (2005). An introduction to the event-related potential technique. Cambridge, MA: 

MIT Press.  

Lundqvist, D., Flykt, A., & Öhman, A. (1998). Karolinska Directed Emotional Faces. 

PsycTESTS Dataset. Stockholm: Karolinska Institutet, Department of Clinical 

Neuroscience. doi:10.1037/t27732-000 

MacDonald, S. W., Hultsch, D. F., & Dixon, R. A. (2008). Predicting impending death: 

Inconsistency in speed is a selective and early marker. Psychology and Aging, 23(3), 595-

607. doi:10.1037/0882-7974.23.3.595 

MacDonald, S. W., Li, S. C., & Bäckman, L. (2009). Neural underpinnings of within-person 

variability in cognitive functioning. Psychology and Aging, 24(4), 792-808. 

doi:10.1037/a0017798 



References 
 

40 

Manly, B. F. (1991). Randomization, bootstrap, and Monte Carlo methods in biology. London: 

Chapman & Hall.  

Markant, J., Cicchetti, D., Hetzel, S., & Thomas, K. M. (2014). Contributions of COMT Val158 

Met to cognitive stability and flexibility in infancy. Developmental Science, 17(3), 396-

411. doi:10.1111/desc.12128 

Matsuda, I., & Nittono, H. (2014). Motivational significance and cognitive effort elicit different 

late positive potentials. Clinical Neurophysiology, 126(2), 304-313. 

doi:10.1016/j.clinph.2014.05.030  

McGugin, R. W., Richler, J. J., Herzmann, G., Speegle, M., & Gauthier, I. (2012). The 

Vanderbilt Expertise Test reveals domain-general and domain-specific sex effects in 

object recognition. Vision Research, 69, 10-22. doi:10.1016/j.visres.2012.07.014 

McLoughlin, G., Palmer, J. A., Rijsdijk, F., & Makeig, S. (2014). Genetic overlap between 

evoked frontocentral theta-band phase variability, reaction time variability, and attention-

deficit/hyperactivity disorder symptoms in a twin study. Biological Psychiatry, 75(3), 

238-247. doi:10.1016/j.biopsych.2013.07.020 

Megreya, A. M., & Burton, A. M. (2006). Unfamiliar faces are not faces: Evidence from a 

matching task. Memory & Cognition, 34(4), 865-876. doi:10.3758/bf03193433 

Meinhardt-Injac, B., Persike, M., & Berti, S. (2013). Encoding of faces and objects into visual 

working memory: An event-related brain potential study. NeuroReport, 24(13), 735-740. 

doi:10.1097/wnr.0b013e328364a417 

Mohr, P. N., & Nagel, I. E. (2010). Variability in brain activity as an individual difference 

measure in neuroscience? Journal of Neuroscience, 30(23), 7755-7757. 

doi:10.1523/jneurosci.1560-10.2010 

Montag, C., Jurkiewicz, M., & Reuter, M. (2012). The role of the catechol-O-methyltransferase 

(COMT) gene in personality and related psychopathological disorders. CNS & 

Neurological Disorders - Drug Targets, 11(3), 236-250. 

doi:10.2174/187152712800672382 



References 
 

41 

Morgan, H. M., Klein, C., Boehm, S. G., Shapiro, K. L., & Linden, D. E. (2008). Working 

memory load for faces modulates P300, N170, and N250r. Journal of Cognitive 

Neuroscience, 20(6), 989-1002. doi:10.1162/jocn.2008.20072 

Murray, M. M., Brunet, D., & Michel, C. M. (2008). Topographic ERP analyses: A step-by-step 

tutorial review. Brain Topography, 20(4), 249-264. doi:10.1007/s10548-008-0054-5 

Nandam, L. S., Hester, R., Wagner, J., Cummins, T. D., Garner, K., Dean, A. J., … 

Bellgrove, M. A. (2011). Methylphenidate but not atomoxetine or citalopram modulates 

inhibitory control and response time variability. Biological Psychiatry, 69(9), 902-904. 

doi:10.1016/j.biopsych.2010.11.014 

Naumann, E., Bartussek, D., Diedrich, O., & Laufer, M. E. (1992). Assessing cognitive and 

affective information processing functions of the brain by means of the late positive 

complex of the event-related potential. Journal of Psychophysiology, 6(4), 285-298.  

Naumann, E., Maier, S., Diedrich, O., Becker, G., & Bartussek, D. (1997). Structural, semantic, 

and emotion-focussed processing of neutral and negative nouns: Event-related potential 

correlates. Journal of Psychophysiology, 11(2), 158-172.  

Nessler, D., Mecklinger, A., & Penney, T. B. (2005). Perceptual fluency, semantic familiarity 

and recognition-related familiarity: An electrophysiological exploration. Cognitive Brain 

Research, 22(2), 265-288. doi:10.1016/j.cogbrainres.2004.03.023 

Nolan, K. A., Bilder, R. M., Lachman, H. M., & Volavka, J. (2004). Catechol O-

methyltransferase Val158Met polymorphism in schizophrenia: Differential effects of Val 

and Met alleles on cognitive stability and flexibility. American Journal of Psychiatry, 

161(2), 359-361. doi:10.1176/appi.ajp.161.2.359 

Nowparast Rostami, H., Ouyang, G., Bayer, M., Schacht, A., Zhou, C., & Sommer, W. (2016). 

Dissociating the influence of affective word content and cognitive processing demands on 

the late positive potential. Brain Topography, 29(1), 82-93. doi:10.1007/s10548-015-

0438-2 

Oberauer, K., Wilhelm, O., & Schmiedek, F. (2005). Experimental strategies in multivariate 

research. In A. Beauducel, B. Biehl, M. Bosniak, W. Conrad, G. Schönberger, & D. 



References 
 

42 

Wagener (Eds.), Multivariate research strategies: Festschrift in Honor of Werner W. 

Wittmann (pp. 119-149). Aachen: Shaker Verlag. 

O'Connell, R. G., Dockree, P. M., & Kelly, S. P. (2012). A supramodal accumulation-to-bound 

signal that determines perceptual decisions in humans. Nature Neuroscience, 15(12), 

1729-1735. doi:10.1038/nn.3248 

Oldfield, R. C. (1971). The assessment and analysis of handedness: The Edinburgh inventory. 

Neuropsychologia, 9(1), 97-113. doi:10.1016/0028-3932(71)90067-4 

Ouyang, G., Herzmann, G., Zhou, C., & Sommer, W. (2011). Residue iteration decomposition 

(RIDE): A new method to separate ERP components on the basis of latency variability in 

single trials. Psychophysiology, 48(12), 1631-1647. doi:10.1111/j.1469-

8986.2011.01269.x 

Ouyang, G., Schacht, A., Zhou, C., & Sommer, W. (2013). Overcoming limitations of the ERP 

method with Residue Iteration Decomposition (RIDE): A demonstration in go/no-go 

experiments. Psychophysiology, 50(3), 253-265. doi:10.1111/psyp.12004 

Ouyang, G., Sommer, W., & Zhou, C. (2015a). A toolbox for residue iteration decomposition 

(RIDE) – A method for the decomposition, reconstruction, and single trial analysis of 

event related potentials. Journal of Neuroscience Methods, 250, 7-21. 

doi:10.1016/j.jneumeth.2014.10.009 

Ouyang, G., Sommer, W., & Zhou, C. (2015b). Updating and validating a new framework for 

restoring and analyzing latency-variable ERP components from single trials with residue 

iteration decomposition (RIDE). Psychophysiology, 52(6), 839-856. 

doi:10.1111/psyp.12411 

Paller, K. A., Gonsalves, B., Grabowecky, M., Bozic, V. S., & Yamada, S. (2000). 

Electrophysiological correlates of recollecting faces of known and unknown individuals. 

NeuroImage, 11(2), 98-110. doi:10.1006/nimg.1999.0521 

Pfütze, E. M., Sommer, W., & Schweinberger, S. R. (2002). Age-related slowing in face and 

name recognition: Evidence from event-related brain potentials. Psychology and Aging, 

17(1), 140-160. doi:10.1037/0882-7974.17.1.140 



References 
 

43 

Pitcher, D., Walsh, V., & Duchaine, B. (2011). The role of the occipital face area in the cortical 

face perception network. Experimental Brain Research, 209(4), 481-493. 

doi:10.1007/s00221-011-2579-1 

Pivik, R. T., Broughton, R. J., Coppola, R., Davidson, R. J., Fox, N., & Nuwer, M. R. (1993). 

Guidelines for the recording and quantitative analysis of electroencephalographic activity 

in research contexts. Psychophysiology, 30(6), 547-558. doi:10.1111/j.1469-

8986.1993.tb02081.x 

Pritchard, W. S., Houlihan, M. E., & Robinson, J. H. (1999). P300 and response selection: A new 

look using independent-components analysis. Brain Topography, 12(1), 31-37. 

doi:10.1023/a:1022277506517 

Raja Beharelle, A., Kovačević, N., McIntosh, A. R., & Levine, B. (2012). Brain signal variability 

relates to stability of behavior after recovery from diffuse brain injury. NeuroImage, 

60(2), 1528-1537. doi:10.1016/j.neuroimage.2012.01.037 

Rammsayer, T., & Stahl, J. (2006). Sensorimotor effects of pergolide, a dopamine agonist, in 

healthy subjects: A lateralized readiness potential study. Psychopharmacology, 187(1), 

36-46. doi:10.1007/s00213-006-0400-9 

R Core Development Team. (2014). R: A language and environment for statistical computing. R 

Foundation for Statistical Computing, Vienna, Austria. http://www.R-project.org. 

Rentrop, M., Rodewald, K., Roth, A., Simon, J., Walther, S., Fiedler, P., … Kaiser, S. (2010). 

Intra-individual variability in high-functioning patients with schizophrenia. Psychiatry 

Research, 178(1), 27-32. doi:10.1016/j.psychres.2010.04.009 

Reuter, M., & Hennig, J. (2005). Association of the functional catechol-O-methyltransferase 

VAL158MET polymorphism with the personality trait of extraversion. NeuroReport, 

16(10), 1135-1138. doi:10.1097/00001756-200507130-00020 

Rossion, B., Gauthier, I., Tarr, M. J., Despland, P., Bruyer, R., Linotte, S., & Crommelinck, M. 

(2000). The N170 occipito-temporal component is delayed and enhanced to inverted faces 

but not to inverted objects: An electrophysiological account of face-specific processes in 

the human brain. NeuroReport, 11(1), 69-74. doi:10.1097/00001756-200001170-00014 

http://www.r-project.org./


References 
 

44 

Rossion, B., & Jacques, C. (2008). Does physical interstimulus variance account for early 

electrophysiological face sensitive responses in the human brain? Ten lessons on the 

N170. NeuroImage, 39(4), 1959-1979. doi:10.1016/j.neuroimage.2007.10.011 

Rossion, B., Joyce, C. A., Cottrell, G. W., & Tarr, M. J. (2003). Early lateralization and 

orientation tuning for face, word, and object processing in the visual cortex. NeuroImage, 

20(3), 1609-1624. doi:10.1016/j.neuroimage.2003.07.010 

Rotshtein, P., Geng, J. J., Driver, J., & Dolan, R. J. (2007). Role of features and second-order 

spatial relations in face discrimination, face recognition, and individual face skills: 

Behavioral and functional magnetic resonance imaging data. Journal of Cognitive 

Neuroscience, 19(9), 1435-1452. doi:10.1162/jocn.2007.19.9.1435 

Russell, R., Duchaine, B., & Nakayama, K. (2009). Super-recognizers: People with extraordinary 

face recognition ability. Psychonomic Bulletin & Review, 16(2), 252-257. 

doi:10.3758/pbr.16.2.252 

Rutman, A. M., Clapp, W. C., Chadick, J. Z., & Gazzaley, A. (2010). Early top-down control of 

visual processing predicts working memory performance. Journal of Cognitive 

Neuroscience, 22(6), 1224-1234. doi:10.1162/jocn.2009.21257 

Sagiv, N., & Bentin, S. (2001). Structural encoding of human and schematic faces: Holistic and 

part-based processes. Journal of Cognitive Neuroscience, 13(7), 937-951. 

doi:10.1162/089892901753165854 

Saville, C. W. N., Feige, B., Kluckert, C., Bender, S., Biscaldi, M., Berger, A., … Klein, C. 

(2015). Increased reaction time variability in attention-deficit hyperactivity disorder as a 

response-related phenomenon: Evidence from single-trial event-related potentials. 

Journal of Child Psychology and Psychiatry, 56(7), 801-813. doi:10.1111/jcpp.12348 

Saville, C. W. N., Lancaster, T. M., Stefanou, M. E., Salunkhe, G., Lourmpa, I., Nadkarni, A., … 

Klein, C. (2014). COMT Val158Met genotype is associated with fluctuations in working 

memory performance: Converging evidence from behavioural and single-trial P3b 

measures. NeuroImage, 100, 489-497. doi:10.1016/j.neuroimage.2014.06.006 

Saville, C. W. N., Pawling, R., Trullinger, M., Daley, D., Intriligator, J., & Klein, C. (2011). On 

the stability of instability: Optimising the reliability of intra-subject variability of reaction 



References 
 

45 

times. Personality and Individual Differences, 51(2), 148-153. 

doi:10.1016/j.paid.2011.03.034 

Saville, C. W. N., Shikhare, S., Iyengar, S., Daley, D., Intriligator, J., Boehm, S. G., … Klein, C. 

(2012). Is reaction time variability consistent across sensory modalities? Insights from 

latent variable analysis of single-trial P3b latencies. Biological Psychology, 91(2), 275-

282. doi:10.1016/j.biopsycho.2012.07.006 

Schacht, A., & Sommer, W. (2009a). Emotions in word and face processing: Early and late 

cortical responses. Brain and Cognition, 69(3), 538-550. 

doi:10.1016/j.bandc.2008.11.005 

Schacht, A., & Sommer, W. (2009b). Time course and task dependence of emotion effects in 

word processing. Cognitive, Affective, & Behavioral Neuroscience, 9(1), 28-43. 

doi:10.3758/cabn.9.1.28 

Schmiedek, F., Lövdén, M., & Lindenberger, U. (2009). On the relation of mean reaction time 

and intraindividual reaction time variability. Psychology and Aging, 24(4), 841-857. 

doi:10.1037/a0017799 

Schretlen, D. J., Pearlson, G. D., Anthony, J. C., & Yates, K. O. (2001). Determinants of Benton 

Facial Recognition Test performance in normal adults. Neuropsychology, 15(3), 405-410. 

doi:10.1037/0894-4105.15.3.405 

Schupp, H. T., Stockburger, J., Codispoti, M., Junghofer, M., Weike, A. I., & Hamm, A. O. 

(2007). Selective visual attention to emotion. Journal of Neuroscience, 27(5), 1082-1089. 

doi:10.1523/jneurosci.3223-06.2007 

Schweinberger, S. R. (2011). Neurophysiological correlates of face recognition. In A. J. Calder, 

G. Rhodes, M. H. Johnson, & J. V. Haxby (Eds.), The Oxford handbook of face 

perception (pp. 345-366). Oxford: Oxford University Press. 

doi:10.1093/oxfordhb/9780199559053.013.0018 

Schweinberger, S. R., Huddy, V., & Burton, A. M. (2004). N250r: A face-selective brain 

response to stimulus repetitions. NeuroReport, 15(9), 1501-1505. 

doi:10.1097/01.wnr.0000131675.00319.42 

http://dx.doi.org/10.1093/oxfordhb/9780199559053.013.0018


References 
 

46 

Schweinberger, S. R., Pickering, E. C., Burton, A. M., & Kaufmann, J. M. (2002). Human brain 

potential correlates of repetition priming in face and name recognition. 

Neuropsychologia, 40(12), 2057-2073. doi:10.1016/s0028-3932(02)00050-7 

Scott, L. S., & Nelson, C. A. (2006). Featural and configural face processing in adults and 

infants: A behavioral and electrophysiological investigation. Perception, 35(8), 1107-

1128. doi:10.1068/p5493 

Segalowitz, S. J., Dywan, J., Unsal, A. (1997). Attentional factors in response time variability 

after traumatic brain injury: An ERP study. Journal of the International 

Neuropsychological Society, 3(2), 95–107. 

Sergent, J., Ohta, S., & MacDonald, B. (1992). Functional neuroanatomy of face and object 

processing. A positron emission tomography study. Brain, 115(1), 15-36. 

doi:10.1093/brain/115.1.15 

Sommer, W., Hildebrandt, A., Kunina-Habenicht, O., Schacht, A., & Wilhelm, O. (2013). Sex 

differences in face cognition. Acta Psychologica, 142(1), 62-73. 

doi:10.1016/j.actpsy.2012.11.001 

Spencer, S. V., Hawk, L. W., Richards, J. B., Shiels, K., Pelham, W. E., & Waxmonsky, J. G. 

(2009). Stimulant treatment reduces lapses in attention among children with ADHD: The 

effects of methylphenidate on intra-individual response time distributions. Journal of 

Abnormal Child Psychology, 37(6), 805-816. doi:10.1007/s10802-009-9316-2 

Stefanis, N. C., Van Os, J., Avramopoulos, D., Smyrnis, N., Evdokimidis, I., & Stefanis, C. N. 

(2005). Effect of COMT Val158Met polymorphism on the continuous performance test, 

identical pairs version: Tuning rather than improving performance. American Journal of 

Psychiatry, 162(9), 1752-1754. doi:10.1176/appi.ajp.162.9.1752 

Störmer, V. S., Passow, S., Biesenack, J., & Li, S. (2012). Dopaminergic and cholinergic 

modulations of visual-spatial attention and working memory: Insights from molecular 

genetic research and implications for adult cognitive development. Developmental 

Psychology, 48(3), 875-889. doi:10.1037/a0026198 

Stroop, J. R. (1935). Studies of interference in serial verbal reactions. Journal of Experimental 

Psychology, 18(6), 643-662. doi:10.1037/h0054651 



References 
 

47 

Stürmer, B., Ouyang, G., Zhou, C., Boldt, A., & Sommer, W. (2013). Separating stimulus-driven 

and response-related LRP components with Residue Iteration Decomposition (RIDE). 

Psychophysiology, 50(1), 70-73. doi:10.1111/j.1469-8986.2012.01479.x 

Stuss, D. T., Murphy, K. J., Binns, M. A., & Alexander, M. P. (2003). Staying on the job: The 

frontal lobes control individual performance variability. Brain, 126(11), 2363-2380. 

doi:10.1093/brain/awg237 

Susilo, T., & Duchaine, B. (2013). Advances in developmental prosopagnosia research. Current 

Opinion in Neurobiology, 23(3), 423-429. doi:10.1016/j.conb.2012.12.011 

Takeda, Y., Sato, M. A., Yamanaka, K., Nozaki, D., & Yamamoto, Y. (2010). A generalized 

method to estimate waveforms common across trials from EEGs. NeuroImage, 51(2), 

629-641. doi:10.1016/j.neuroimage.2010.02.002 

Takeda, Y., Yamanaka, K., & Yamamoto, Y. (2008). Temporal decomposition of EEG during a 

simple reaction time task into stimulus- and response-locked components. NeuroImage, 

39(2), 742-754. doi:10.1016/j.neuroimage.2007.09.003 

Tanaka, J. W., & Farah, M. J. (1993). Parts and wholes in face recognition. The Quarterly 

Journal of Experimental Psychology Section A, 46(2), 225-245. 

doi:10.1080/14640749308401045 

Thierry, G., Martin, C. D., Downing, P., & Pegna, A. J. (2007). Controlling for interstimulus 

perceptual variance abolishes N170 face selectivity. Nature Neuroscience, 10, 505-511. 

doi:10.1038/nn1864 

Tsai, S. J., Hong, C. J., Yu, Y. W., & Chen, T. J. (2004). Association study of catechol-O-

methyltransferase gene and dopamine D4 receptor gene polymorphisms and personality 

traits in healthy young chinese females. Neuropsychobiology, 50(2), 153-156. 

doi:10.1159/000079107 

Tukey, J. W. (1977). Exploratory data analysis. Reading, MA: Addison-Wesley Pub. Co. 

Verleger, R., Jaśkowski, P., & Wascher, E. (2005). Evidence for an integrative role of P3b in 

linking reaction to perception. Journal of Psychophysiology, 19(3), 165-181. 

doi:10.1027/0269-8803.19.3.165 



References 
 

48 

Verleger, R., Metzner, M. F., Ouyang, G., Śmigasiewicz, K., & Zhou, C. (2014). Testing the 

stimulus-to-response bridging function of the oddball-P3 by delayed response signals and 

residue iteration decomposition (RIDE). NeuroImage, 100, 271-280. 

doi:10.1016/j.neuroimage.2014.06.036 

Võ, M. L., Conrad, M., Kuchinke, L., Urton, K., Hofmann, M. J., & Jacobs, A. M. (2009). The 

berlin affective word list reloaded (BAWL-R). Behavior Research Methods, 41(2), 534-

538. doi:10.3758/brm.41.2.534 

Wada, Y., & Yamamoto, T. (2001). Selective impairment of facial recognition due to a 

haematoma restricted to the right fusiform and lateral occipital region. Journal of 

Neurology, Neurosurgery & Psychiatry, 71(2), 254-257. doi:10.1136/jnnp.71.2.254 

Walhovd, K. B., & Fjell, A. M. (2007). White matter volume predicts reaction time instability. 

Neuropsychologia, 45(10), 2277-2284. doi:10.1016/j.neuropsychologia.2007.02.022 

Wang, F., Ouyang, G., Zhou, C., & Wang, S. (2015). Re-examination of Chinese semantic 

processing and syntactic processing: Evidence from Conventional ERPs and 

Reconstructed ERPs by Residue Iteration Decomposition (RIDE). PLoS ONE, 10(1), 

e0117324. doi:10.1371/journal.pone.0117324 

Wechsler, D. (1997). Wechsler memory scale: WMS-III. San Antonio, TX: Psychological Corp.  

Weinberg, A., Ferri, J., & Hajcak, G. (2013). Interactions between attention and emotion: 

Insights from the Late Positive Potential. In M. D. Robinson, E. R. Watkins, & E. 

Harmon-Jones (Eds). Handbook of cognition and emotion. (pp. 35-54). New York: The 

Guilford Press.  

Weinberg, A., & Hajcak, G. (2010). Beyond good and evil: The time-course of neural activity 

elicited by specific picture content. Emotion, 10(6), 767-782. doi:10.1037/a0020242 

Widmann, A., Schröger, E., & Maess, B. (2015). Digital filter design for electrophysiological 

data – A practical approach. Journal of Neuroscience Methods, 250, 34-46. 

doi:10.1016/j.jneumeth.2014.08.002 

Wilhelm, O., Herzmann, G., Kunina, O., Danthiir, V., Schacht, A., & Sommer, W. (2010). 

Individual differences in perceiving and recognizing faces – One element of social 



References 
 

49 

cognition. Journal of Personality and Social Psychology, 99(3), 530-548. 

doi:10.1037/a0019972 

Wilmer, J. B., Germine, L., Chabris, C. F., Chatterjee, G., Williams, M., Loken, E., … 

Duchaine, B. (2010). Human face recognition ability is specific and highly heritable. 

Proceedings of the National Academy of Sciences, 107(11), 5238-5241. 

doi:10.1073/pnas.0913053107 

Wilmer, J. B., Germine, L., Chabris, C. F., Chatterjee, G., Gerbasi, M., & Nakayama, K. (2012). 

Capturing specific abilities as a window into human individuality: The example of face 

recognition. Cognitive Neuropsychology, 29(5-6), 360-392. 

doi:10.1080/02643294.2012.753433 

Wolk, D. A., Schacter, D. L., Lygizos, M., Sen, N. M., Holcomb, P. J., Daffner, K. R., & 

Budson, A. E. (2006). ERP correlates of recognition memory: Effects of retention interval 

and false alarms. Brain Research, 1096(1), 148-162. doi:10.1016/j.brainres.2006.04.050 

Xu, Y. (2005). Revisiting the role of the fusiform face area in visual expertise. Cerebral Cortex, 

15(8), 1234-1242. doi:10.1093/cercor/bhi006 

Yin, R. K. (1969). Looking at upside-down faces. Journal of Experimental Psychology, 81(1), 

141-145. doi:10.1037/h0027474 

Yonelinas, A. P. (2002). The nature of recollection and familiarity: A review of 30 years of 

research. Journal of Memory and Language, 46(3), 441-517. doi:10.1006/jmla.2002.2864 

Yonelinas, A. P., Otten, L. J., Shaw, K. N., & Rugg, M. D. (2005). Separating the brain regions 

involved in recollection and familiarity in recognition memory. Journal of Neuroscience, 

25(11), 3002-3008. doi:10.1523/jneurosci.5295-04.2005 

Young, A. W. (2011). Disorders of face perception. In A. J. Calder, G. Rhodes, M. H. Johnson, 

& J. V. Haxby (Eds.), The Oxford handbook of face perception. (pp. 77-91). Oxford: 

Oxford University Press. doi:10.1093/oxfordhb/9780199559053.013.0005 

Young, A. W., Hellawell, D., & Hay, D. C. (1987). Configurational information in face 

perception. Perception, 16(6), 747-759. doi:10.1068/p160747 



References 
 

50 

Yovel, G., & Kanwisher, N. (2005). The neural basis of the behavioral face-inversion effect. 

Current Biology, 15(24), 2256-2262. doi:10.1016/j.cub.2005.10.072 

Yovel, G., Wilmer, J. B., & Duchaine, B. (2014). What can individual differences reveal about 

face processing? Frontiers in Human Neuroscience, 8, 562. 

doi:10.3389/fnhum.2014.00562





 

 



Original Research Articles 
 

61 

Original Research Articles 

 

I. Nowparast Rostami, H., Ouyang, G., Bayer, M., Schacht, A., Zhou, C., & Sommer, W. 

(2015). Dissociating the influence of affective word content and cognitive processing 

demands on the late positive potential. Brain Topography, 29(1), 82-93. 

doi:10.1007/s10548-015-0438-2 

 

II. Nowparast Rostami, H., Saville, C.W.N., Klein, C., Ouyang, G., Sommer, W., Zhou, C., 

& Hildebrandt, A. (submitted). COMT genotype is differentially associated with single 

trial variability of ERPs as a function of memory type. Biological Psychology 

 

III. Nowparast Rostami, H., Sommer, W., Zhou, C., Wilhelm, O., & Hildebrandt, A. 

(submitted). Contributions of structural encoding and its top-down modulation to 

individual differences in face and object cognition: Evidence from the N1/N170 

components of the event-related brain potentials. Cortex



 

 

 


	Abstract
	Zusammenfassung
	Synopsis
	1 Introduction
	1.1 Aims and Outline of the Present Work
	1.2 Variability in Face Processing from Behavioral and Neural Perspective
	1.3 Intra-Subject Variability
	1.4 Neural Bases of Face Processing
	1.5 Methodological Advances in ERP Analysis

	2 Summary of Studies
	2.1 Study 1: “Dissociating the Influence of Affective Word Content and Cognitive Processing Demands on the Late Positive Potential” (Nowparast Rostami et al., 2016)
	2.2 Study 2: “COMT Genotype is Differentially Associated with Single Trial Variability of ERPs as a Function of Memory Type.” (Nowparast Rostami et al., submitted)
	2.3 Study 3: “Contributions of Structural Encoding and its Top-Down Modulation to Individual Differences in Face and Object Cognition: Evidence from the N1/N170 Components of the Event-Related Brain Potentials” (Nowparast Rostami et al., submitted)

	3 General Discussion
	3.1 Summary of Findings
	3.2 Limitations
	3.3 Future Outlook
	3.4 Conclusion

	References
	Original Research Articles

